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1. Introduction

This User Manual (UM) provides the information necessary for analysts to
effectively use the ID.ai platform for building and documenting the development
of statistical models needed for data driven business Decision-making.

Corestrat’s ID.ai offers model-building intelligence by removing the complexity of
developing a predictive model without you having to write a single line of code. Al
embedded Model.ai builds predictive models employing multiple ML techniques
in a few seconds for the uploaded data and for your target goals

The no-code, enterprise-ready platform enables you to build and deploy
classification and/or regression predictive models in a few clicks. ID.ai helps
enterprise users to get closer to smarter business decisions by capturing
actionable and hidden patterns in the data.

ID.ai automates a large part of repetitive machine learning steps to ease the
tasks of data scientists & non data scientists, thereby enabling enterprises to
swiftly adopt ML solutions while allowing them to focus on more complex issues.

2. Software Requirements Specifications

This section provides information about the minimum hardware and software
configurations for installing the ID.ai software.

Operating System Windows 10 & Higher
RAM >=16 GB
Disk Space >=200 GB
Software MS Word 16 & Higher

Any configuration below the acceptable versions/configurations described above
will result in installation and/or performance issues of ID.ai.
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Installation of ID.ai

This section provides the steps to install the ID.ai application on the user’s
laptop.

On purchase, Corestrat will provide an exe file named “ID.ai” which looks like the
following image.

na [D.31

User should click on this exe file and will get the pop-up screen shown below
requesting the user to proceed with the subsequent installation steps. Click on
“Install”. User should right click and “Run as Administrator” in case privileges are
insufficient for direct installation.

= Setup - |D.ai version 1.0.0 —

Ready to Install

Setup is now ready to begin installing ID.ai on your computer.

Click Install to continue with the installation.

Install Cancel
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I'i’l Setup - ID.ai version 1.0.0 -

>
Installing
Please wait while Setup installs ID.ai on your computer.

Extracting files...
C:\Program Files (x86)\ID.ai\ID_ai.exe

e¥s Setup - ID.ai version 1.0.0

Completing the ID.ai Setup
Wizard

Setup has finished installing ID.ai on your computer. The
application may be launched by selecting the installed
shortcuts.

Click Finish to exit Setup.

www.corestrat.ai
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The user will get a shortcut to open the ID.ai application on the desktop.

Click on the ID.ai icon as shown below.

Getting Started

On opening the application user must input their username and license key which
would have been provided at the time of purchase. Please enter these in relevant
fields in the opening screen shown below to proceed further.

8% CORESTRAT

ID.ai

Smart Decision Strategy Simulation

There are six stages in building the desired outcome to drive data driven decision
making at scale; these stages are illustrated in sequence in the picture below.
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The steps within these six stages will be described in the subsequent sections.
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Upload Data Section

Project Creation & File Input

ID.ai can be used to build a new model from scratch or refine an existing model
using new assumptions or additional data elements. Both options are illustrated
in the screenshot below.

ID.ai CorestratUser2 o

For building a new project, click on “New Project” and assign the project name in
the pop-up screen as shown below.
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New Project

By default, project folder will be created in the IDai folder that will
be found in the Documents folder

Once user enters the name of the new project, they can either just save it and
work on it later or start working on it immediately using the respective options in
the pop-up as shown below.

New Project

By default, project folder will be created in the IDai folder that will
be found in the Documents folder.

Manual_project

In the subsequent screen, the “project_name” and “project path” are displayed at
top left side of the screen. For starting a new project, the user must point to the
folder location and file name of the input data source.
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Project: CS_testing 03
Project Path: C:\Users\user\Documents\IDai\C5_testing 03 E EU User Name o
L Data

0 Data Engineering

Upload a dataset to Train your

model

How Would You Like to Begin?

Illlé

¥

o)
T

JLIS
&)
{-\nu

Simple Upload Advanced Dataflow Builder

Design complex data operations using nodes

Upload your data or connect via query for o . q
for joins, unions, and more

@

When a user opens a project, this is the first screen they see. It lets them either
upload data directly or use ID.ai’'s advanced Dataflow Builder for more control.

The Advanced Dataflow Builder enables users to create complex dataflows
with ease by using drag-and-drop action nodes to perform powerful data
transformations.

When the Advanced Dataflow Builder is selected by the user, a canvas is
displayed as shown in the following image.

www.corestrat.ai 10| Page



8% CORESTRAT
IntelliDecision.ai

CS_testing 02
Path C:\Users\user\Documents\IDai\CS_testing 02 g User Name ‘:’

f Data

Advanced Dataflow Builder ®

Drag and drop nodes onto the canvas

(O]

The first step is for the user to add Data Upload boxes to the whiteboard. Upon
dragging the Data Upload component to the canvas, the screen shown below will
appear.

Similar to Simple Upload, the user can upload datasets in any of the following
formats: CSV, Excel, Feather, Parquet, and flat text files with delimiters. Data can
also be imported from the available data sources: Databricks, MySQL, and
Snowflake.
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Upload or Import a dataset

% g
Drag and Drop the File here
(CSV, Parquet, Feather, XLSX)

OR

Browse File

Data Pre-processing Options

Remave Duplicate Rows Remove Empty Rows and Columns

Add Data Source

Database Type
Databricks

Connection Name
DU_1
Host URL

Access Token

Hitp Path

Once a Data Upload box has been successfully configured (indicated by the
green light on top of each action box), the user can begin connecting it to action

nodes.

The Dataflow Builder supports the following: horizontal and vertical joins of
datasets, generating dataset statistics using the Aggregate box, and executing

Python code using the Code box.

Project. CS_testing 01
Project Path: C:\Users\user\Document ts\IDai\CS _testing 01

A Data Data Preprocessing Feature Engineering Univariate Analysis
Home

Advanced Dataflow Builder ®

Drag and drop nodes onto the canvas

50 B=) HU1

& Clean Space
d P ‘

(=[] User_peneto1 0

{. Data Upload Horizontal Join ‘ B Aggregate B code Box

©
i e
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To use the Horizontal Join component, the user can drag and drop the box onto

the canvas. Upon selecting the newly added box, a configuration sidebar will
appear (as shown in the following image).

Project: CS_testing_01
Paihy CAUsersuser\Documents\IDaiCs_testing 01 g o User_peneto1 Q
r Data

Advanced Dataflow Builder ®

HJ_1 X
Drag and drop nodes onto the canvas

B Aggregate Code Box

Type nner -

Suffixes:

Remove Duplicates:

so =) Hi1 Add Where Condition

(oY out

d Clean Space

@

From this sidebar, the user can choose the type of join, select the columns for the

join, customize table suffixes, and optionally add a custom WHERE condition to
further filter the data.

ID.ai’'s Dataflow Builder supports Inner, Outer, Left, and Right joins.

g @ User_peneto1 a

L Data

Advanced Dataflow Builder ©®

p Bl HJ_1 X
| B pata Uplead \ | B Agoregate Code Box
Drag and drop nodes onto the canvas . J
Colum Inner
Joi
Q P ter
lowercase  § Suffixes: Left den
Right
Remove Duplic
Y - TR Add Where Conditi
L]
@
B o :
.
B our

+

[ f Clean space

@

The column join section displays all columns from the datasets connected to the
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horizontal join box, allowing the user to make selections accordingly. A custom
WHERE condition can be added by clicking Add Where Condition.

Project: CS_testing 01 m User_peneto1 °

Project Path: C:AUsers\user\DocumentsUDANCS testing 01

® Data Data Preprocessing  Feature Engineering  Univariate Analysis
Home
i - . HJ_1 x
Advanced Dataflow Buider © (8 owtpons | [ 8 i (8 e | [ o
Drag and drop nodes onto the canvas
Type: .
Column
@ Join:
E A lowercase Columns  DU_1 Columns
d_snapshat % d_snapshot
Zipcodes
" W zipcodes
e app_prod_code
ME W1 ofe all_unique A% APP_PRODC.
. _ date A% ALL UNIQUE
top_3_feature_ar...
u modred £ @ ‘ A% DATE
: gender
allsingle A% TOP_3_FEAT...
app_application #%  GENDER
age
= 3 ALL_SINGLE
dober
) o app_mthly_income 13 APP_APPLIC..
n i1 f e app_mthly mertg... B AGE
= months._since_ol
15 DOBER
+ avg_current_bala

® c3 | «f deanspace

Clicking Add Where Condition opens a pop-up window (shown below) where
the user can define the condition (rule) and group rules for better structure and
optimization.

Once the condition is defined, the user can click Save to apply it.

Where Clause Builder

app_prod_code ~ = v Regular

GENDER « =+ Female

If changes are needed to an existing WHERE condition, the user can click
Modify Where Condition to make edits.
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Praject: CS_testing 01 o o
Project Path: C:\Users\useriDocuments\UDaiCs_testing 01 m User_penetol
L Data Data Preprocessing  Feature Engineering  Univariate Analysis
Home
. ) ) L BRI x
Advanced Dataflow Builder © l B 0ata Upload ] B Horizontal Join Aggregate [ codeBox
Drag and drop nodes onto the canvas. . ) —_—
Type: Inner -
Column
. Join:
Selected Pairs:
| & CEEY
app_prod_code — APP_FROD.C.. @
Suffixes lowercase recrdered
Remove Duplicates:
.
H wodred £ @ Where condition: app_prod_code = ‘regular’ and
GENDER = female’
Modify Where Condition
.
-
n TR
+
23 |« Clean space

After configuring the necessary settings, the user can click Run to execute the
join node, after which the output will be displayed as shown.

[ Preview: HU_t [
UsersiuserDocumentsDNCS_testing 01\ othersidatalti)_1

Columns

Total 15,000 #Empty Total H#Empty
#Distinct 15,000 #Duplicate #Numerical #Categorical

#5 all_single A% all_unique A% date A% top_3_feature_areas_wi ¥ app_a

02b347df8155d73c15c328¢0f..  28/5/2020 OTH_HME Al
8a642af14ac909a353973e4b. 24732023 OTH_HME_Al
940dfbceab33bcf78b120bf93. 25/2/2020 GSL.CV_GL
REGULAR 9634d692801325562896412b...  31/8/2023 OTH_HME_A!
REGULAR 9de2c83009¢a37a21684dd 14 13/12/2023 CV_GSL DB
REGULAR a3d114cdd72c7b7f3655b42. 6/4/2023 CV_GSL_GSE
4ech7c6176e1b9bbBIT715H 212019 SH_OTH_HME

REGULAR ad

REGULAR 29cf8c9354ccd11b10de 19623, 3132022 OTH_HME_A!

PREMIER b2cfBee5786f68592ad3b096e...  22/10/2021 GSE_CV_GSL

STUDFNT €7ha343dar36562952¢7hrled. 13/9/2022 OTH HMF Al
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E is testing 01 g O User_peneto1 o

C:\Users\user\Documents\IDai\CS_testing 01

f Data Data Preprocessing Feature E

Advanced Dataflow Builder © (8 acoressie | [ coseser |
Drag and drop nodes onto the canvas —
.
lowerca: e
.
©
» m HI1 §
.
reordered § ®
)
AGH i

J Clean Space

To view dataset statistics, the user can use the Aggregate box.

Project. CS_testing 01 e
Project Path: C:\Users\user\Documents\IDai\CS_testing 01 g m User_peneto1
A Data ssing Feature Engineering Univariate Analysis
i — B Ac_1 X
Advanced Dataflow Builder ©® | [ pata upload B Horizon tal Join | B Agoregate Code Box |
Drag and drop nodes onto the canvas . SRR i N —
Aggregate: -
.
(-] + Add Aggregation
[l lowercas e
Group By: -
.
e
1 i [NTR
.

o o] AG1 £ 0‘
e

&

%) «f Clean Space

The user must select a column for aggregation.

For numerical columns, the available aggregation types are shown in the
following screen.
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Project Path: C:\Users\user\Documents\IDai\CS_testing 01

L Data

Home

Data Preprocessing Feature Engineering Univariate Analysis

Advanced Dataflow Builder ® )

‘ Data Upload J B Horizontal Join

Drag and drop nodes onto the canvas

) owercase ;@

» E HI1 3

sG] AG1 &

Y ous ;@

+

f Clean space

@

‘ B Aogregate Code Box
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g m User_peneto1 G

B AG_1 X

Aggregate: 23 APP_MTHLY_INC.. w

sum

mean

Group By: median

count
nunique
first
last

prod

For categorical columns, the available aggregation types are shown in the

following screen.

Project: CS_testing 01
Project Path: C:\Users\user\Dacuments\IDai\CS_testing 01

L Data

Home

Data Preprocessing Feature Engineering Univariate Analysis

B Horizontal Join

Advanced Dataflow Builder ©® (@ osa Uploas

Drag and drop nodes onto the canvas b

e
ansses.

» E HI1 3

o [CIREEICY

< Clean Space

www.corestrat.ai

{ B Agoregate B3 Code Box

(=[] User_peneto1 °

B AG_1 X

Aggregate: #3 APP_MTHLY_INC.. w

A% APPPRO. v | W

count
nunique

Group By: first
last

min .

max
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The user must also select a column for grouping the datasets.

Project: CS_testing 01

Project Palh: C:\Users\user\Documents\IDai\CS_testing_01 E ag] User_peneto1
ﬁ Data Data Preprocessing  Feature Engineering  Univariate Analysis

Home

Advanced Dataflow Builder © 1 ( (o) [—] Ac_t X
[ Data Upload | = tal J B Aggregat: A code B
Drag and drop nodes onto the canvas [ i J i L i J ode e

Aggregate: 2 APP_MTHLY_INC.. w

sum  mean
. -

A% APPPRO.. v | W

e P ED CEE
» Ht ot -
first
. ]
reordered  § @ + Aad Aggregation
Group By:
N
U1 i e

+

1« Clean space ]

@

un Dataflow Nexi

Once the settings are applied, clicking Run will execute the aggregate node, and
the output will be displayed as shown.

”_-; Preview: AG_1 [

A\DocumentsIDAICS_testing_01\ othersldetaAG_1

Columns

Total H#Empty Total #Empty

#Distinct #Duplicate #Numerical #Categorical

#% APP_PROD_CODE_first b APP_PROD_CODE_last ¥ APP_PROD_CODE nuniqu 1?3 APP_PROD_CODE_ count 1% APP_MTHLY_INCOME sum 12 APP_A

PREMIER PREMIER 1 5,144 66,237,712 12.876.694

REGULAR REGULAR 1 68,031,686 10,760,619

STUDENT STUDENT 1 33,956,462 9,594,931

The Vertical Join component allows the user to stack one dataset on top of
another. This is possible only when the datasets have identical column names
(column order may differ).
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Project: CS_testing 01
Project Path: C:\Users\user\Documents\IDai\Cs_testing 01 B m User_peneto1 G
" Data Data Preprocessing Feature Engineering Univariate Analysis
Home
i —— —_—— VA_1 X
Advanced Dataflow Builder ® Data Upload J B Horizontal Join ‘ B Aggregate B Code Box -
Drag and drop nodes onto the canvas S — - = )

Add Where Condition

[ ovecase 1 @

0
-]
11 i [ETAN
. (]
» a1
mmde(edEU
.
e
[T © R

B

+

«f Clean Space

@

Similar to the Horizontal Join and Aggregate box, the user can add a custom
WHERE condition to filter the data further.

-ct: CS_testing 01
- User_peneto1 0
ath C:\Users\user\Documents\IDai\Cs_testing 01 B O P
a -

Data Data Preprocessing Feature Engineering Univariate Analysis

Advanced Dataflow Builder ©

| B Data Upload B Horizontal Jois
Drag and drop nodes onto the canvas

\ VA_1 X
B Aggregate A codeBox
Where condition APP_PROD_CODE =
'REGULAR'
Modify Where Condition
- =1
°
] . e
. .
volf] )
1] VAl §
.
)
rordered 1 @
‘e
[1] © R

« Clean Space
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5 Preview:vA1 T

tasting_01) oth

Data Cleaned:  Rows Filtered Out 17366
Columns

Total HEMpty Total HEmpty

#Distinct #Duplicate #Numerical #Categorical

12 MTHS_SNC_OLDEST_BAN 12 AVG_CURRENT_BALANCE 12 NBR_DEROG_TLS_OR_CO 12 NBR_INQUIRIES_OT1_MON 12 MTHS_SNC_OLDEST_INST 12 NBR_/
3% 1 2 151
37 0 161
1,651 0 4] 123
2,379 1 209
3,149

8831

The Code box enables the user to apply Python code to the dataset.

CS_testing 01

=
Project Path. C:\Users\usenDocuments\IDaNCs._testing 01 m User_peneto1 °
“ Data Data Preprocessing  Feature Engineering  Univariate Analysis

Home

Advanced Dataflow Builder © e e = o
Drag and drop nodes onto the canvas I Do L ‘ ‘m M

.
‘ .
.-—m;.
137 & R L]

5 °
B rocers 1 @

U
o ror i 0

e
-WJ e

¢3 |« Clean Space

@

To create a new function, the user clicks Create Function, which opens a coding
interface.
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Project: CS_testing 01
Project Path: CAUsers\user\Documents\IDai\CS_testing_ 01 m ESSpaneicl o
5.3 Data Data Preprocessing Feature Engineering Univariate Analysis

Home

Advanced Dataflow Builder © @ ce_1 X

[ B Data Upload | Horizontal Join Aggregate B Code Box
Drag and drop nodes onto the canvas —

Saved Functions

.
.
loweieaze 3 @
a e .
wE ot e ]
B~ vt
.
] h
B o i o L g
L] b
3 o ELEIY
.
]
maie
+
 Clean space

Python code editor

@ HI_1
@ AG_1

€0 &

Once the desired code is entered, the function can be saved with an appropriate
name for reuse within the workflow.
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Python code editor

Save Script

[t ]

After saving the function, the user can compile and execute the code.
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Python code editor

Clear || Compile & Execute ‘

If the code compiles and executes successfully (without errors), an output screen
will display the changes made to the dataset.

7 Preview:cB1 [

Columns

Total 12,634 #Emply 0 HEmpty

#Distinct 255 #Duplicate 12,379 #Numerical #Categorical

To use an existing function, the user can select it from the Saved Functions
dropdown menu.
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g O User_peneto1 G
@cB.1 X
B Ao B code Box
Saved Functions

After selecting the desired function, the user can either edit it or click Compile

and Execute to run it.

C:AUsers\user\Documents\IDaICS_testing 01

f Data

Advanced Dataflow Builder © Dtz Upioes, | [ Hortzonmat o

Drag and drop nodes onto the canvas

.
o
lowercase 1 @ -]
0
s e
» A
o0
.m
-]
reoteed @
0
e
- EE
.
]
Ut i e
ik
& Clean space

g @ User_peneto1 o
@ ce.1 X
B Aggregate 8 code Box
Saved Functions

Once the desired workflow is complete, the user can connect its final node to the

Training Data and Validation Data components.

This creates two dataframes: one for training and one for validation. Later in the
process (during BYD), the validation dataset can be used directly without re-

www.corestrat.ai
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uploading or creating a new dataset.

Project: CS_testing 01 g m u
ser_peneto1

Project Path: C:\Users\user\Documents\IDai\CS_testing 01

# Data Data Preprocessing Feature Engineering Univariate Analysis
Home

Advanced Dataﬂow Builder @ [ B Data Upload ] Horizontal Join Aggregate A code Box

Drag and drop nodes onto the canvas

& Training
Data
Ll
B o : @ =
o e e )
) VA1
. )
e ' = ' = Validation
m.a i e <

e A Data

[ 2] © LRI

d Clean Space ‘

:
To clear the memory used by each node, the user can select Clean Space to
free the memory occupied by that node.

@

Node Storage Usage
~y AG_1
Size: 0.01MB
cB_1
e size 001MB.

-] pu_1
Size: 321MB

g -
Size: 6.43MB

Once the user clicks ‘Next’ and the input file has been uploaded, a summary
record count will be displayed along with the first 1000 rows’ actual data. Do
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check that the row and column count match with the actual input. The screen
also provides information on empty and duplicate rows & columns.

Project CS_testing 01 e
oject: C5_testing ¢ m User_peneto1 o

Project Path C:\Users\user\Documents\IDaiCS _testing 01
# Data Data Preprocessing Feature Engineering Univariate Analysis € Back to Dataflow
Hor

e
o Data Engineering
Upload a dataset to Train your
A

odel

%= DataflowResult [J

Rows Columns
2 Total 12,634 #Empty 0 Total 4 #Empty 0
#Distinct 255 #Duplicate 12,379 #Numerical 4 #Categorical 0

3 #3 new_main_1 12 new_main_2 #; new_main_exp_int 3 new_global

0 0 o

0 0 0 0
4 o 0 o

0 o 0

o 0 0

0 0 12,150
5

0 0 o

0 0 0
6 Rows per page: 100 v 1-100 of 1000 >

The validation dataset can be used during BYD. A prompt will appear, allowing
the user to select the validation dataset from the Dataflow Builder.

The user can also click Use Existing Dataset from ADB to import the validation
dataset directly from the Dataflow Builder.

Avalidation dataset was previously created using the Advanced Dataflow Builder.

Would you like to use the existing dataset?
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If user selects ‘Simple Upload’ they are directed to this page

€5.testing 02
sject Pan CUsers\user\DocumentsUDaNCs testing 02 B O User Name 0
L Data

o Data Engineering
at n you

Upload or Import a dataset to begin model Training

Add Data Source

atabase Type
Databricks

P Connection Name
g Databricks
Drag and Drop the File here Host URL

CSV, Parquet, Feather, XLSX) OR

Access Token

Browse File
Http Path

Test Connection

A) ID.ai supports data upload in any of the following formats:
CSV

Excel

Feather

Parquet

O &~ 0 bdh =

Flat text files with delimiters

The minimum number of records needed is 200 with at least 3 columns and a
minimum target variable count of 10.

If an invalid file is used for input, the following error message pops up.
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Can't process the file now! It seems that the file is either empty or in an

unsupported format,

Close

—

User needs to click on “Close” in the pop-up and go back and upload a dataset in
one of the correct formats.

Import from a Data Source

B) ID.ai supports data imports from Databricks, MYSQL and Snowflakes

1. Select Database Type from the given options.
j:f: :j;m:l\lz;‘eorj\user\nocumems\lDaw\CS_tes:mg_DZ B O User Name o
ﬁ Data Data Preprocessing Feature Engineering Univariate Analysis

@ oo Ersineering

Upload or Import a dataset to begin model Training

2 Add Data Source

Jatabase Type
rDalabncks -
4
2 %ﬁ MysaL

Databricks

Drag and Drop the File here

(CSV, Parquet, Feather, XLSX) OR Snowflake
. - Access Token
Browse File
Http Path
4
6
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2. Add Credentials and Click on Test Connection.

bject: CS_testing 02 0
roject Path: C:Users\user\Documents\Dai\CS testing 02 B m User Name

i Data Data Preprocessing Feature Engineering Univariate Analysis

o Data Engineering
load  dataset to Train you

Upload or Import a dataset to begin model Training

2 Add Data Source

Database Type

MySQL -

Connection Name
3

MySaql

Server
los-test-db.mysgl.database.azure.com

Drag and Drop the File here
4 CSV, Parquet, Feather, XLSX) OR

P

Login
csladmin@los-test-db

OR

Browse File
Fort

5 3306

6

If any of the credentials used are invalid then user will be met with an appropriate
error message as shown below upon clicking ‘Test Connection’

sct: C5_testing 02
oject Path: C:\Users\user\Documents\IDai\CS testing 02 B O User Name 0

® Data Data Preprocessing  Feature Engineering  Univariate Analysis

o Data Engineering

Upload or Import a dataset to begin model Training

2 Add Data Source

Connection Name

MySql
3 Server
los-test-db.mysql.database.azure.com
4
Login
csladmin@los-test-db
4 Drag and Drop the File here Password
CSV, Parquet, Feather, XLSX) OR  eeseeenen (o]
OR Port
3306
Browse File
5 Schema
csl_dms_staging_db
Access denied for user ‘csladmin'@'14.195.164 66"
(using password: YES)
6
0

www.corestrat.ai 29| Page



8% CORESTRAT
IntelliDecision.ai

If the credentials are valid, the user will see the following screen:
B @ User Name 0

CS_testing 02
ath- C:AUsers\user\DocumentsUDaiCs._t

L Data

o Data Engineering

Upload or Import a dataset to begin model Training

Add Data Source

5

Drag and Drop the File here
CSV. Parquet, Feather, XLSX OR

@ Connection is successful!

CONNECT

6
RESET

®
Selecting ‘Reset’ will revert the screen to its original state and clear the existing

credentials.
E M User Name o

1: C5_testing 02
ct Path: C:\Users\user\Documents\Dai\CS_testing 02
L Data Data Prej ssing Feature E te A

° Data Engineering
ataset to Train you
!

Upload or Import a dataset to begin model Training

Add Data Source

2
atabase Type
Databricks v
z Connection Name
j Databricks
Drag and Drop the File here Host URL
CSV, Parquet, Feather, XLSX) OR
Access Token
Browse File
Hitp Path
5
Test Connection

3. Write your SQL query to get and view the data. Click Next, once you are
content with dataset and want to use it for model building.
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8 Inteliigent Decisior q ;
Project: kiopd
Project Path. C:\Users\HP\Documents\| Shubham e

Hame
Upload Data Data Preprocessing Feature Engineering Data Univariate Analysis
Data

Upload a dataset to Train your

mode c

1 select * from def.
#Database: default
#Table: file_1

2  Prepare your Data

& default ~

@ file_1

@ file_2
#Rows: 500,000 #Columns: 102 Source: Query - Custom SQL

B fle_
5 Train A Model colt col 2 col 3 col 4 cols col & <ol 7 col 8 col 8 10 coltt

099946..  006460.. 090771.. 021277 | 040986. 053817.. 030413.  021628.  038245. 013450..  0.482
093744  010823. 07753. O084812. 012274 0405%6.. 071404. O7A477. 050086 081734 0511

062927.. 013444. 085831 014038. 0.47274. 039320.. 098963. 024714. 082609.. 001486..  0.0054
085856 080275 034445. 053060  O0.14468. 058651.. 0.65973. 029203 089580..  0.19540.. 0344
4 Evaluate Your Model 0.46120.. 0.64926... 0.72889... 0.39686... 0.21816.. 0.674! 0.59148... 0.00269... 0.73154... 0.65718.. 0.9754
P 0.73672.. 0.00697.. 0.65515.. ~065325.  0.48792. 0.58092.. 005919.  0.86104.  0.46202.. 0.17708..  0.0259
performance of your mode! 0.64914. 0.90575. 0.05024, 0.54468... 0.48655. a1nm 0.78796. 0.96573. 0.16899. 0.17004. 0.6363
0.11964... 0.86160... 0.81780... 0.86293... 0.52607.. 0.32170... 0.46252... 0.28794... 0.33853.. 0.7343
064995..  093910.. 002157.. 080484.  000409.. 034489.. 072760.  093604.. 034432..  0.6364
026317 089728. 008494. 027189.  085820. 089436. 058512 035099 059543.. 0390
5  Build Your Decision 089426 071626. 052904. 037688.  0.96837.. 0B1504.. 051145. 022797 027544. 091512 08199
o et 030663.. 072081.. 016889.  067515.  072831. 056327 022113. | 044085.  072360.. 004495 06584
05%807.. 022714. 045133 034070. 077342 066122 050086 055308 064416 004%21.. 03894
009903.. 032091.. 076948.  037866.  054120. 012570.. 006692.  083935.  0.55956. 042378..  0.0894
010681 0B1630. 0749%.. 005381. 021980.. 040845.. 052306 010032 073297.. 077631 0.5%]
5 Auto Documentation 03005 073795, 083005, 090699, 004985, _ 060071, 025166, 048854, 065861, 053611, 06228

Downl & Auto generated

1-100 of 500000 >

documentation of your mode!

User needs to click on “Close” in the pop-up and go back and upload a dataset
in one of the correct formats.
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Existing Projects

1. The list of recent projects worked on by the user earlier is provided; user
also has the option to search the project names

ID.ai CorestratUser2 °

Project

D Al Projects @

4 Recent Projects

New Project
& Import Existing Project

Qs
Name Last open

[ manual_projects FE—
€ » Users » LENOVO » Documents » IDai » manual_projects

[ *s% 1 hour ag

8 ¢, Users » LENOVO » Documents » IDai » 4555

[§ toopr 4hours ago
© » Users » LENOVO » Documents » D8l » oopp

[‘; “““““ 4 hours ago
C: » Users » LENOVO » Documants » |Dai » iuuuu

[ e ‘ 18 hours aga
€. » Users » LENOVO » Documents » Dal » ppp

[§ 33444 20 hours ago
€ » Users » LENOVO » Documents » Dai » 13444
3344

h
How To Build Your Model? (ER 10l » 3344 zc !
o & e uu??

" . 22 ho
E‘|!3-=‘!-=_.-.E. [;chnsq»;. f— o
== =

o e

2. For importing a project from a different location user must

Select the Import Existing Project option.

Browse to the location where your project is saved.

Choose the project folder you wish to import

Confirm the import, and the project will be added here for you to view.

oo oo

Import Existing Project Folder

bllowing steps to manually import an existing ID ai project
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Import Existing Project Folder

Please use the following steps to manually import an existing ID.ai project
1. Select the Import Project option.
2. Browse to the location »

3. Choose the project folder
4. Confirm the import, and the proj Il be added

Import Successfully

3. Once user clicks on “Launch Project” then imported project is
successfully loaded

Project: demo11
fame | Project Path CAUsers\LENOVO\Docum CorestratUser2 o
Upload Data Data Preprocessing Feature Engineering Data Univariate Analysis
Data
Upload a dataset to Train your
model ‘jj ainesv [
Rows Columns
2 Prepare your Data
Define the outcome or target Total 15,000 HEmMply 0 Total 50 #HEmpty 0
category for mode| Training
#Distinct 15,000 #Duplicate 0 #Numerical 49 #Categorical 1
3 Train A Model
ot the 1o0) automatically Train APP_PROD_CODE APP_APPLICATION_KEY APP_MTHLY_MORTGAGE MONTHS_SINCE_OLDEST_TRADE AVG_CURRENT_BALANCE AVG_MON1
Let the tool 2 cally
your model or do it yourse
REGULAR 1 o 151 396 54
REGULAR 2 a 161 337 51
4 Evaluate Your Model REGULAR 3 a 123 1,651 78
View and evaluate the
performance of your model REGULAR 4 0 226 2379 102
REGULAR 5 ] 185 3,149 7
5 Build Your Decision REGULAR [ 4,050 297 8,831 125
Reject Inferencing and Decision
REGULAR 7 a 602 494 226
Simulatior
REGULAR B 0 62 1,000 38
5 Auto Documentation Rows per page: 100 = 1-100 of 1000 >
load the Auta generated
® documentation of your model
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Once the input file has been uploaded, a summary record count will be displayed
along with the first 1000 rows’ actual data. Do check that the row and column
count match with the actual input. The screen also provides information on empty

and duplicate rows & columns.

oject: CS_testing 02
C:Users\user\Documents\DAICS_testing 02

L Data

o Data Engineering
1

Data Preprocessing

B @ User Name o

J train_EVERYTHING 1feather ]
Rows Columns
Total 15,006 #EmMpty 4 Total 19 #Empty 1
#Distinct 15,000 #Duplicate 2 #Numerical 13 #Categorical
% APP_PROD_CODE 1 ALL_SINGLE A% ALL_UMIQUE EMPTY COL [l DATE % TOP_3_FEATURE_AR

Rows per page: 100 1-100 of 999 >

Upon clicking the ‘Next’ button the user is redirected to the Data Preprocessing
screen, here the user can choose between ‘Let Al Do It’ and ‘Do It Yourself'.

Data Preprocessing

LetAl Do It
Our advanced Al will automatically preprocess your data. Use
4 this intuitive tool to clean, transform, and analyze your data

www.corestrat.ai

g User Name o

7

Do It Yourself

Greater control and accuracy, but time-consuming and requires
expertise
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If ‘Let Al Do It is selected, preprocessing is performed automatically using the
default settings from the preprocessing screen.

CS testing 03
CADseeuseDocumem\DCS esting B M  userName )

1. Data Data Preprocessing Feature Engineering Univariate Analysis

Al-Powered Preprocessing Do it yourself | Add Meta Data

Initial number of variables 2 SENSANE O Ropped Final number of variables

ncentration Columns dropped
#Number of rows 15,006 #Number of rows 15,000

#Number of columns 119 #Number of columns 108

J=
o

e [ e
If ‘Do It Yourself’ is selected, the following screen will be displayed.
ID.ai offers the following features on the Data Preprocessing screen:

These features are grouped under the "Rows and Columns" tab, as shown on
the screen below:

Remove duplicate rows, rows with all NaN values, columns with all NaN values,
or columns with specific keywords (e.g., ZIP).

Identify and handle Date-Time columns, uni-valued columns, and columns with
all distinct values, with options to drop them.

Detect duplicate columns and allow the user to retain one from each group.

Let Al handle preprocessing automatically or proceed with manual configuration
using the available toggles and options.
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CS_testing 03

ect Path: C:WUsers\user\Documents\IDai\CS _testing 03 g0 User Name o
] Data Data Preprocessing Feature Engineering Univariate Analysis
o Data Engineering
al, ain LEEETRRRIINNY  Column Data Type  Variable Treatmen Let Al da i Add Meta Data
[ cickio | Duplicate Rows 2 Date Time Column Drop Duplicate Columns Retain
continue
2 @ Keep unique Rows b ] MC MTHS_SNC_LAST_30P_DAYS o
P O SNC_LAST_DLQ @)
i 4 7 AVG_CURRENT BALANCE )
Rows with all NaN £ ] 25 NBR_TRDLNS_30P_DPD_EVER (]
: — | & o
Drop all NaN rows M¢ NBR_TRDLNS_30P_DPD_EVER 1

4 P Uni Valued Column Drop
% TTL_BALANGE_ON_USUAL_REVOLVI (]

#3 ALL_SINGLE (]
i o 7, TTL_REVOLVING_BALANCES (@)

Drop all NaN Columns
o P All Distinct Values Drop

A8 ALL_UNIQU )
Columns name contains postal ZIP code 1

@ Orop all ZIP columns

pr— 1

These features are grouped under the "Column Data Type" tab, as shown on
the screen below:

Convert numerical columns to categorical columns and vice versa.

Provide a list of numerical columns with fewer than 20 distinct values as likely
candidates for categorical treatment.

Highlight categorical (text/label-type) columns that may be suitable for numerical
conversion.
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CS_testing 03 0
(h; CAUsersuser\Documents\DaICS testing 03 8 M  userName
i Data Data Preprocessing Feature Engineering Univariate Analysis
o Data Engineering
1 Rows and Columns  [SIGUIETERITEY  Variable Treatment Let Al do i J Add Meta Data
Numerical Columns  (Convert to Categarical) Categorical Columns (Convert to numerical if required)
2 -
Columns with 20 unique values Folential Columns Identified
SINGL []
3}
] 1 None
2 EFFICIENT_MAX_DLQ_073 1 . REVOLVING ]
1 ICIENT_MAX_DLQ_EVER []
Remaining Columns Remaining Columns
IN_KEY ' ROD_CODE
1% DOBER & 1O
2
AGE
& VINC N

ooy J e

These features are grouped under the "Variable Treatment" tab, as shown on
the screen below:

Identifies sensitive variables such as age and gender that may require special
handling for privacy or fairness. Users can select or deselect them as needed.

Highlights variables with a single value concentration (e.g., one value appearing
in over 50% of rows), which may have low predictive value.

Displays variables with high missing value concentration, helping users review
and decide on treatment.
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1 CS_testing 03
ath: C:\Users\user\Documents\Dai\CS_testing_03

L Data Data Prepr ing Feature i ing Univariate Analysis

° Data Engineering
load a dalaset to Train your Rows and Columns  Column Dala Type KENERIERIEEINEN

Click 10
continue

Sensitive Variables © 2 A Single Value Concentration &
2
Search Vanable 50
&  SelectAl QO  SelectAl
3 & % AcE QO 1% TOO_NEW_OR STALE_FILE_INDI
& % GENDER QO % Ba
O # APP_MTHLY_MORTGAGE
4 g
O 1% BANKRUPTGY_INDICATOR
(O 1% NBR_TRDLNS_B0P_DPD_023 MO.
Q4% NBR BANK OR NATL REVOLVIN
4
O 1% NBR_RETAIL_TRDLNS_OVERLIMIT
(O 1% NBR_TRDLNS_OPENED_023 MO
(O 13§ NBR_ADVERSE_PUBLIC_RECORDS
6
O 55 MTHS_SNG_MOST_REGENT_ADV

1. C5_testing 03
ath: C:\Users\user\DocumentsiDai\CS_testing 03

o Data Data Prepr i Feature Engi ing Univariate Analysis

o Data Engineering
joad a dataset to Train you Rows and Columns  Column Data Type NEUERERIEETUCH

Click 1o
continue

Sensitive Variables @ 2] ~ Single Value Concentration O
2
Search Variable 50
@  Scecr O selectal
3 & % aGE Q© 1% TOO_NEW_OR_STALE_FILE_INDI
& A% GENDER QO % sBad
O % APP_MTHLY_MORTGAGE
4 g
(O {5 BANKRUPTGY_INDIGATOR
() 1% NBR_TRDLNS_60P_DPD_023_MO.
O 15 NBR_BANK_OR_NATL_REVOLVIN
5
Q%5 NBR_RETAIL_TRDLNS_OVERLIMIT
(O 1% NBR_TRDLNS_OPEMED_023_MO.
(O 135 NBR_ADVERSE_PUBLIC_RECORDS
6
O 45 MTHS_SNC_MOST_RECENT_ADV

Feature Engineering:

97.27%

95.50%

88.65 %

88.54%

85.85%

85.55%

8527 %

85.03%

84.29%

8429%

97.27%

95.50%

88.65%

88.54%

85.85%

85.55%

85.27%

85.03%

84.29%

8429%
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B O User Name 0

Let Al do | Add Meta Data

Missing Value Concentration O 0

Search Variable. 10

No Variable Found!

e 3

BE DM User Name o

Let Al do it Add Meta Data

Missing Value Concentration 0

Set Tveshons

Search Variable. 10

No Variable Found!

c=3 &3

Code-It-Yourself : Perform feature engineering by writing your own custom

python code.

Simply input your code to create or modify features based on your data.

This gives you full flexibility to tailor features to your specific needs.

www.corestrat.ai
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oject: CS_testing 03

Paih: C:\Users\usenDocuments\DaNCS_testing 03 B DO User Name o
3 Data Data Preprocessing Feature Engineering Univariate Analysis
o Data Engineering
1t yous [ECLERIRGHIEENE Two-Way Interaction  Varnable Scaling and Transformation  Category Encoding
Code-It-Yourself ©®

ick
ntin:

Create and modify features using custom Python code

2 Defaul (
'e Columns in your Data ©® List of Engineered Features
: 2 AMT_CR_LIMIT I
3 P ¢ ] R
s FoNeT f):
10 at ¥ APP_APPLICATION_KEY
11
12 # Dataframe variable s always be labelled as '
o . 23 APP_MTHLY_INCOME
14 df af L COME®] %2
4 15 ¥ APP_MTHLY_MORTGAGE >
16
1
A% APP_PROD_CODE
12 AVG_CURRENT_BALANCE
5 12 AVG_MONTHS_IN_FILE
12 AVG_MONTHS IN_FILE_R
12 AVG_RETAIL_BALANCE
6

Compile
0

Variable List : Hover over each variable to check the variable type. Double click
on the variable to populate it in the code box immediately.

After click on “Compile” and “Execute” button then new variable name is
populated in List of Engineering Features

ect: CS_testing 03

ct Path: C:\Users\user\Documents\IDaiCS_testing 03 g o LS ke °
L. Data Data Preprocessing Feature Engineering Univariate Analysis
° Data Engineering
. [CNERIRGIEEI  Two-Way Interaction  Variable Scaling and Transformation ~ Category Encoding
Code-It-Yourself ©
Create and modify features using custom Python code
= 5
o e - e Columns in your Data © List of Engineered Features
4
: 1. newl
B ®3 AMT_CR_LIMIT I
3
1 e used here ¥3 APP_APPLICATION_KEY
1 - ain and test datase
12 g 'df 2. -
13 ¥#3 APP_MTHLY_INCOME
14 o = 5 53
15 3 APP_MTHLY_MORTGAGE >
16
17 & af
s A% APP_PROD_CODE
12 AVG_CURRENT_BALANCE
5

12 AVG_MONTHS_IN_FILE
12 AVG_MONTHS_IN_FILE_R

12 AVG_RETAIL_BALANCE

0 =3

www.corestrat.ai 39| Page



8% CORESTRAT
IntelliDecision.ai

CS_testing 03

=)
h: CA\Users\user\Documents\IDaACS_testing 03 ag] User Name o
f Data Data Prepr il Feature E ing Univariate Analysis
o Data Engineering
L [LERIRGIEENE Two-Way Interaction  Variable Scaling and Transformation  Category Encoding
Code-it-Yourself ©

Create and modify features using custom Python code.

e Columns in your Data © List of Engineered Features

1. % newl

1 23 APP_APPLICATION_KEY

1

; #3 APP_MTHLY_INCOME

15 5 APP_MTHLY_MORTGAGE >
1

1

4% APP_PROD_CODE

12 AVG_CURRENT BALANCE
12 AVG_MONTHS_IN_FILE
12 AVG_MONTHS_IN_FILE_R

12 AVG_RETAIL_BALANCE

Two-Way Interaction: A two-way interaction shows how the effect of one
variable on an outcome changes depending on the level of another variable.

The user selects variables from the ‘List of Categorical Variables’ and clicks the
>’ symbol to move them to the ‘Selected Variables’ list.

ct S testing 03
Path: C:\Users\user\Documents\Da\CS_testing 03 B @ User Name 0

L. Data Data Preprocessing Feature Engineering Univariate Analysis

o Data Engineering
1 t n Code-It-Yoursell RIETCRUSMIBICIELIN Variable Scaling and Transformation  Category Encoding
mode

Two-Way Interaction O

Atwo-way interaction shows how the effect of one variable on an cutcome changes depending on the level of anolher variable

2]
List of Categorical Variables Selected Variables(Max 10) New Created Variable

3

A& APP_PROD_CODE

A%  EFFICIENT_MAX_DLQ_023_MC

M A% EFFICIENT_MAX_DLQ_EVER

3 _MAX_DLO_

[0 #& NBR_BANK_OR_NATL_REVOLVI
5
6
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oject: CS_testing 03
1 Path: C:sers\user\DocumentsNDaiNCS testing 03 BE O User Name 0

A Data  Data Preprocessing  Feature Engineering  Univariate Analysis

o Data Engineering
oad a dataset to Train you Code-lt-Yoursell [ICRUNEIEMETN variable Scaling and Transformation  Calegory Encoding
mode

Two-Way Interaction ©

Atwo-way interaction shows how the effect of one variable on an outcome changes depending on the level of another variable.

2
List of Categorical Variables Selected Variables(Max 10) © New Created Variable
O  selectan
3
8 APP_PROD_CO
] #% NBR_BANK_OR_NATL REVOLVI O & app_PROD_CODE
O % EFFICIENT_MAX_DLQ_023 MO
G [J #& EFFICIENT MAX_DLQ_EVER
=
5
6

The user selects variables from the ‘Selected Variables’ and clicks the ‘Apply’
button to move them to the “New Created Variable” list.
e G e T AT D B M username @)
'f, Data Data Preprocessing  Feature Engineering  Univariate Analysis
Q | [ cuttan

Two-Way Interaction @

Atwo-way inferaction shows how the effect of one variable on an outcome changes depending on the level of another variable

2
List of Categorical Variables Selected Variables(Max 10) © New Created Variable
O  selectan
3
. SR MATL REVOLY O A& APP_PROD_CODE
O #& WeR_BANK_OR_NATL_REVOLY 1.APP_PROD_CODE idaix EFFICIENT_MAX
O A% EFFICIENT_MAX_DLQ_023_MO.
2. APP_PROD_CODE _idaix_EFFICIENT_MA>
4 D A% EFFICIENT_MAX_DLQ_EVER
3. EFFICIENT_MAX_DLQ_023 MONTHS__RI
5
6

A

After clicking on “Next” button to direct the user to the variable transformation
screen

Once user is moved to this section, they are prompted to select one of two
options: ‘Let Al Do It’ and ‘Do it Yourself
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1: CS testing 03
t Path: C:\Users\user\Documents\Dai\CS_testing 03 Q ag] User Name 0

ﬁ Data Data Prep il Feature i ing Univariate Analysis

o Data Engineering
I 1 dataset to Train you Code-I-Yoursell ~ Two-Way Interaction REREREETEIMNENNRIEINGIUEIGEY  Calegory Encoding

model

Variable Transformation ©

Easily apply sta or domain-specific transformations to your data
A
3
LetAlDolt
Do It Yourself
4 Our advanced Al will automatically select the transformation . .
. B o . Greater control and accuracy, but time-consuming and
technique that minimizes variability by reducing standard . .
- requires expertise

deviation
5 B
6

@

If the user selects ‘Let Al Do It’, variables will be transformed using the most
suitable transformation type from the available list.

Project: CS_testing 03
Project Path: C:\Users\user\Documents\IDai\CS_testing 03

m User Name °

Data Data Preprocessing  Feature Engineering  Univariate Analysis
o Data Engineering
madel
Variable Transformation ©
Easily app! fic transformations to your data
2
Transformation Type Retain After Transformation
Variables CV (Before) CV (After)
#ariables 104
3 12 NBR_REVL_OR_OPEN_TRDLNS 60P DP.. ils 278 Auto Loading l 0
12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE . 1l 4542 Auto Loading
12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE il 3788 Auto Loading.
Relative Variability Profile®
12 AVG_CURRENT_BALANCE il 1714 Auto Loading Coefficient of Variation (CV)
4
P IC e G oading.
3 APP_MTHLY_MORTGAGE il 1558 Auto Loading o 1 0
12 PRC_RETAIL_TRDLNS WITH_BALANCE . il 1504 Auto Loading
#Medium 1 0
12 NBR_REVL_OR_OPN_TRDLNS_SOPRC Wl 1265 Auto Loading
5 EHigh 102 0
12 NBR_REVOLVING_TRDLNS_SO0PRC_OF_.. iy 1248 Auto Loading
12 NET_FRACTION_REVOLVING BURDEN il 181 Auto Loading
12 TTL_REVOLVING_OR_OPEN_BALANCES il 1131 Auto Loading
6

Rows per page: 100 = 1-100 of 104 >
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1 CS testing 03 °
ct Path: C:\Users\user\Documents\Dai\CS _testing 03 B M User Name

Data Data Prep ing Feature ing Univariate Analysis

o Data Engineering
l0ad a dataset to Train you Code-It-Yoursell  Two-Way Interaction KEUELERSNNERNREEIEITLETELY  Category Enceding

Variable Transformation ©

Let Al do it

asily apply statis domain-specific transformations to your data
2
Transformation Type Retain After Transformation
Variables v (Before) CV (After) Original
e ~ 0 Variable #ariables 104
a 12 NBR_REVL_OR_OPEN_TRDLNS_B0P_DP ih 278 None - - l Transforme 0
Vanables
12 HIGHEST UTIL_ON_BANK_OR_NATL_RE il 4542 None -
12 HIGHEST_UTIL_ON_BANK_OR_NATL RE.. ik 3788 None -
Relative Variability Profile®
12 AVG CURRENT BALANCE ih 17.44 None - Coefficient of Variation (CV)
4
2, APP_MTHLY MORTGAG 55 None -
# APP_MTHLY_MORTGAGE ih 1559 HLow 1 0
12 PRC_RETAIL_TRDLNS_ WITH_BALANCE ih 15.04 None - :
#Medium 0
12 NBR_REVL_OR_OPN_TRDLNS_S0PRC. ik 1265 None -
5 #Higl 102 0
12 NBR_REVOLVING TRDLNS_50FPRC_OF th 1248 None -
12 NET_FRACTION_REVOLVING_BURDEN ih ne None -
12 TTL_REVOLVING_OR_OPEN_BALANCES ik 13 None -
6

Rows per page: 100 = 1-100 of 104 >

@

If the user selects ‘Do It Yourself’, they can either apply a batch transformation
or perform transformations individually.

Individual transformations can be applied by choosing a transformation type
within the row of the desired variable.

sject: CS testing 03
ot Path C\Users\user\Documents\IDANCS testing 03 B D User Name ‘D

Data Preprocessing  Feature Engineering  Univariate Analysis

o Data Engineering
e

Variable Transformation ©

Easily apply statistical or domain ansformations fo your data able
2
Transformation Type Retain After Transformation
Variables €V (Before) CV (After) Original
Variable #Variables 104
B 12 NBR_REVL_OR_OPEN_TRDLNS_60P_DP.. il 218 Loading I ed 0
Variables
12 HIGHEST _UTIL_ON_BANK_OR_NATL RE il 4542
12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE W 37.88 -
Relative Variability Profile®

12 AVG_CURRENT_BALANCE il 1714 Coefficient of Variation (CV)
4

2, APP_MTHLY_MORTGAGI X 155 ;

3 APP_MTHLY GAGE il 558 ow 1 0

12 PRC_RETAIL_TRDLNS WITH BALANCE il 1504

#Medium 1

12 NBR_REVL_OR_OPN_TROLNS_S0PRC_ (19 1265
- #High 102 0
- 12 NBR_REVOLVING_TROLNS_50PRC_OF _ il 1248

12 NET_FRACTION_REVOLVING_BURDEN il 181

12 TTL_REVOLVING_OR_OPEN_BALANCES [ 131 -
6

Rows per page: 100 = 1-100 of 104 >
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Batch transformations can be applied by selecting a transformation type and
clicking the blue play button on the right.

CS_testing 03 -
sath CUsers\user\Documents\Dai\CS_testing 03 m User Name '!’

] Data Data Prep ing Feature i ing Univariate Analysis

° Data Engineering
joad a dataset to Train you Code-It-Yoursell Two-Way Interaction NEIENSEIEINELRRIFDRIEINY  Category Encoding
mod

Variable Transformation ©

Let Al do it
asily apply slatistical or domain-specific transfor it ta
2 S
Transformation Type Ratai After Transformation
Variables €V (Before) CV (After) Original
o -0 Variable
104
8 12 NBR_REVL_OR_OPEN_TRDLNS_60P_DP . il ol "\ - - I 0
12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE ih 4542 Auto -
12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE.. il ares | 09 - )
Square Root F Relative Variability Profile®
12 AVG_CURRENT BALANCE il 1744 - Coefficient of Variation (CV)
4 P
5 APP_MTHLY_MORTGAGE il 15.59 Sl -
| A #low 1 0
12 PRC_RETAIL_TRDLNS WITH_BALANCE il 1504 | Min-Max Scaler - :
#Medium
Power (Box Cox)
12 NBR_REVL_OR_OPN_TRDLNS_SOPRC il 1265 -
EHigh 102 0
J 12 NBR_REVOLVING_TRDLNS_50PRC_OF il 1248 POWer (Yeo Johnson)
12 NET_FRAGTION_REVOLVING_BURDEN, i 1gy | Robust85S -
12 TTL_REVOLVING_OR_OPEN_ BALANCES il 113 | Quantile (Normal) ~
—————————

6 Quantile (Uniform)
. 100 « 1-100 of 104 >
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Project: CS_testing 03
Project Path: C:\Users\user\Documents\Dai\CS_testing 03 E m User Name
" Data Data P il Feature Engi i Univariate Analysis
Home
° Data Engineering
Upload a dataset to Train your Code-It-Yourself Two-Way Interaction |KEUEEESSTURELERIEY Category Encading

Variable Transformation ® [ e
Easily apply statistical or domain-specific transformations 1o your data Search Variable
2
Transformation Type Retain After Transformation
CV (Before) P T i | oV (After) Original
i
Variable #Variables 104
12 NBR_REVL_OR_OPEN_TRDLNS_S0P_DF . 1, 278 None - - ] #Transformed 0
3 Variables.
T2 HIGHEST_UTIL_ON_BANK_OR_NATL RE 1, 4542 None -
12 HIGHEST_UTIL_ON_BANK_OR_NATL RE . 1ly 3788 None - - ()
Relative Variability Profile@
12 AVG_CURRENT BALANCE il 17.14 None - ] Coefficient of Variation (CV)
4
d None - _ [
3 APP_MTHLY_MORTGAGE il 1550 (] e 1 o
12 PRC_RETAIL_TRDLNS_WITH_BALANCE. il 15.04 None - O
#Medium 1 0
12 NBR_REVL_OR_OPN_TRDLNS_SOPRC_ il 1265 None - - ]
5 #High 102 0
12 NBR_REVOLVING_TRDLNS_50PRC_OF il 1248 None - m)
12 NET_FRACTION_REVOLVING_BURDEN_ . 1, 181 None - - ]
12 TTL REVOLVING OR OPEN_BALANCES 1l 131 None - m}
6

Rows per page: 100 = 1-1000f104 < >

@

Prject S tstg 03 Bm u (v
ser Name

Project Path: C:\Users\user\Documents\IDai\CS_testing 03

i Data Data Preprocessing Feature Engineering Univariate Analysis
° Data Engineering
Upload a dataset to Train your y _
model

Variable Transformation @
Easily apply statistical or domain-specific transformations to your data Search Variable

2
Transformatian Type Retain After Transformation
Variables CV (Before) CV (After) Original
. -0 Variable #vanables 104
12 NBR_REVL_OR_OPEN_TRDLNS_60P_DP.. il 278 - Loading. o #Transtormed 108
3 Variables
12 HIGHEST_UTIL_ON_BANK_OR_NATL RE.. i, 4542 A - Loading. ]
12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE 1l 3788 wto - Loading (m]
Relative Variability Profile @
12 AVG_CURRENT_BALANCE Wl 1714 t - Loading ] Coefficient of Variation (CV)
4
3 APP_MTHLY_MORTGAGE il 1558 - Loading. ] #low 1 63
12 PRC_RETAIL_TROLNS_WITH BALANGE ... il 1504 A - Loading, )
#Medium 1 13
12 NBR_REVL_OR_OPN_TRDLNS_S0PRC._ ih 1265 o - Loading. )
5 #High 102 28
12 NBR_REVOLVING_TRDLNS_50PRC_OF ih 1248 ! - Loading m}
12 NET_FRACTION_REVOLVING_BURDEN_ . il 181 - Loading. (m]
12 TTL REVOLVING OR_OPEN BALANCES il 1n.3 A - Loading, ]
6
Rows per page: 100 = 1-100 of 104 < >
Next =
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oject: CS_testing 03
Project Path: C:\Users\user\Documents\Dai\CS_testing 03

0] User Name o

L Data Data F

Home.

Feature Engi ing Univariate Analysis

o Data Engineering
pload a dataset to oul Code-It-Yoursell Two-Way Interaction RERELIEELETOLELVRIEIOLIUEILEY  Category Encoding
)

Variable Transformation @ [ Let Al do
Easily apply statistical or domain-specific transfor ur data
2
Transformation Type After Transformation
Variables €V (Before) N i OV (After) Origin
e -0 Variable #vanasies 104
Batch
5 12 NBR_REVL_OR_OPEN_TRDLNS_60P_DP.. il 278 Log (Aues Ay 001 O 104
12 HIGHEST UTIL_ON_BANK OR NATL RE il 4542 Log i - 008 [m]
12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE il 3788 Log (husol - 0.08 [m}
Relative Variability Profile®
12 AVG_CURRENT_BALANCE Wl 1714 Log i - 0.01 m] Coefficient of Variation (CV)
4
Py APP_MTHLY_MORTGAGE il 1559 Power (Box Cox) (huss - 021 ] 1 70
12 PRC_RETAIL TRDLNS WITH BALANCE il 15.04 Log - 0.04 O - .
#Medium 2
12 NBR_REVL_OR_OPN_TRDLNS_S0PRC_ il 1265 Log (Auso - 003 ]
" HHigh 102 32
12 NBR_REVOLVING_TRDLNS_50PRC_OF Wl 1248 Log 1 - 003 ]
12 NET_FRACTION_REVOLVING_BURDEN_ .. il 1181 Log (uea - 007 m]
12 TTL_REVOLVING_OR_OPEN_BALANCES i, 1131 Log i - 001 [m]
=
6
Rows per page: 100 = 1-100 of 104 >

The user can choose to retain both the original and transformed versions of
selected variables. If the original is not retained, only the transformed version will
be used in subsequent steps.

>roject: CS_testing 03
Projeet Path: C:\Users\user\Documents\IDai\CS_testing 03 g m UseiNainc °
] Data Data Pi il Feature Engi ing Univariate Analysis
Home
o Data Engineering
pload a dataset tc ! Code-It-Yoursell Two-Way Interaction NEUENSEIEINENNR(FUSTIIRINN  Category Encoding
model
Variable Transformation @ [ ertAleo i ]
y apply statistical or domain-specific transform ur data .
2
Transformation Type Rataln After Transformation
Variables €V (Before) €V (After) ori
g -0 Variable 104
] #Transformed
3 12 NBR_REVL_OR_OPEN_TRDLNS_60P_DP [ 278 Log (Auto) - 0.01 () y 104
Jariables.
12 HIGHEST UTIL_ON_BANK_OR_NATL RE . il 4542 Log (4 - 008
12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE 1, 3788 Log (sueo - 0.08 m]
Relative Variability Profile®
12 AVG_CURRENT_BALANCE ile 1714 Log 4 - 001 [m] Coefficient of Variation (CV)
4
23 APP_MTHLY_MORTGAGE il 1558 Power (Hax Ca) o - L (m] HLow 1 70
12 PRC_RETAIL_TRDLNS WITH_BALANCE .. il 1504 Log (aueo - 0.04 [m] 7 s
12 NBR_REVL_OR_OPN_TRDLNS_SOPRC Wl 1265 Log (e - 0.03 ]
2 EHigh 102 32
12 NBR_REVOLVING_TRDLNS_S50PRC_OF_ il 1248 Log (Aute) - 003 [m]
12 NET_FRAGTION_REVOLVING_BURDEN il 181 Leg i - 007 [m]
12 TTL_REVOLVING_OR_OFEN_BALANCES il 131 Log (Auea - 0.01 [m]
6
Rows per page: 100 ~ 1-100 of 104 >
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Upon clicking ‘Next’, the user is taken

oject: CS_testing 03

Project Path: C:\Users\user\Documents\Dai\CS_testing 03

f

° Data Engineering
’ ataset to Train y
"

@

er\DocumentsADai\CS_testing 03

Data Data Prepr ing Feature E

Variables

EVL_OR_OPEN_TRDLNS_60P_DP

12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE

12 HIGHEST_UTIL_ON_BANK_OR_NATL_RE
12 AVG_CURRENT_BALANCE

?3 APP_MTHLY_MORTGAGE

12 PRC_RETAIL_TRDLNS_WITH_BALANCE
12 NBR_REVL_OR_OPN_TRDLNS_S0PRC_
12 NBR_REVOLVING_TROLNS 50PRC_Of
12 NET_FRACTION_REVOLVING_BURDEN_

12 TTL_REVOLVING_OR_OPEN_BALANCES

CV (Before}

278

4542

3788

1714

1559

1504

1265

1248

11.81

131

ing

Code-It-Yoursoll ~ Two-Way Interaction NEUELEEIETRRVENLRIELEIILEIY  Category Enceding
Click 1o Variable Transformation @
continue

Univariate Analysis

Transformation Type

None ~ 0

< ]

O0ODOoOoOoOooOoao

Rows per page:

100 =

8% CORESTRAT

IntelliDecision.ai

B O User Name o

Let Al do it

After Transformation

107

104

Relative Variability Profile®
Coefficient of Variation (CV)

the Category Encoding screen.

Data Data Prepr ing Feature E

Category Encoding @

Candidate Variables O

A% APP_PROD_CODE
A% EFFIGIENT_MAX_DLQ_023_MONTHS
A% EFFICIENT_MAX_DLQ_EVER

B NBR_BANK_OR_NATL_REVOLVING_TR..

#Unique
Categories

ing

Code-It-Yoursell Two-Way Interaction  Variable Scaling and Transformation (GRS In)

Univariate Analysis

Encading Type

None ~Q
Nane

None

None

Nane

Rows per page:

B O User Name °

Before Encoding

EVariables 4

After Encoding

avies 0

This screen enables the user to apply encoding techniques such as One-Hot

Encoding and Frequency Encoding to categorical columns.

Batch and individual transformations are also supported, similar to the previous
Variable Scaling and Transformation screen.

www.corestrat.ai

47 |Page



8% CORESTRAT
IntelliDecision.ai
If the user selects One-Hot Encoding, each unique category within the chosen
column/variable will be transformed into a separate column.

C5._testing_03

ih C\Users\user\Documents\IDaiCs_testing 03 =] User Name o

] Data Data Preprocessing Feature Engineering Univariate Analysis

o Data Engineering
’ ataset to T Code-It-Yoursell Two-Way Interaction  Variable Scaling and Transformation (e s AaLtr ']
ode

| category Enceding ©

®

coding is performed fo reprasent catego

2
o Encading Type . Retain Before Encoding
nique #Binary Columns "
Candidate Variables @ q Original
Categories  None - 0 Created e
4
3 % APP_PROD_CODE il ] None -
A% EFFICIENT_MAX_DLQ_023_MONTHS__. ih 13 None
A% EFFICIENT_MAX_DLQ_EVER il il One Hot Encoding o After Encoding
#% NBR_BANK_OR_NATL_REVOLVING_TR.. il 1z Frequency Encoding 4
4
0
5
6

Rows per page: 100 = 1404
act: CS_testing 03

ect Path: CAUsers\user\Documents\Dai\CS_testing 03 B O User Name a

D Data Preprocessing  Feature Engineering  Univariate Ar

° Data Engineering
T

Category Encoding @
coding is perfor o

2
X Encading Type i Retain Before Encoding
#Uniqua #Binary Columns
Candidate Variables © 2 ? Original
ategories Created
Variable
4
N #8 APP_PROD_CODE il
)
A% EFFICIENT_MAX_DLQ_023 MONTHS h 13
A% EFFICIENT_MAX_DLQ_EVER Wl n After Encoding
A% NBR_BANK OR_NATL REVOLVING TR.. ik, 17
4 4
0
5

Rows per page: 100 = 1-4 of 4

If the user selects Frequency Encoding, the system calculates the occurrence
count of each unique value in the selected column/variable and replaces the
original value with its corresponding count.
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testing 03 B User Name 0

Path: C:\Users\user\Documents\IDai\CS_testing 03

" Data Data P il Feature Engi ing Univariate Analysis

0 Data Engineering
pload a dataset t ain your Code-It-Yourself Two-Way Interaction Vanable Scaling and Transformation [[SERELLIESHILL]

Category Encoding ©

ncoding is performed 1o represent categorical variables as binary vector

2
. Encading Type . Retain Before Encoding
#Unique #Binary Columns  °
Candidate Variables O ER i e Original
s o ~ 0 Variable
#Variables 4
% APP_PROD_CODE h 3 None - 0
3 e APP_PROD._
48 EFFICIENT_MAX_DLQ_023_MONTHS, il 13 None o
A% EFFICIENT_MAX_DLQ_EVER i n One Hot Encoding o After Encoding
#% NBR_BANK_OR_NATL REVOLVING TR.. il 17 Frequency Encoding o N
#Variables
4 riab 4
#Created Variables 0
5
6

Rows per page: 100 1-40f4

s, 03
e B0 User Name o

ath: C:\Users\user\DocumentsNDai\CS_testing 03

Data Data Preprocessing Feature Engineering Univariate Analysis

o Data Engineering

Category Encoding @

ncoding is performed to represent categorical variables as binary vectors
2
Encoding Type Retain Before Encoding
#Unique #Binary Columns  _°
Candidate Variables © Original
Categories Created e
4
5 4% APP_PROD_CODE il 3 Loading.
B EFFICIENT_MAX_DLQ 023 MONTHS ... il 13 0
A% EFFICIENT_MAX_DLQ_EVER il n o After Encoding
A% NBR_BANK_OR_NATL_REVOLVING_TR.. 1l iz , o y
#Variables
4 fial 4
#Created Variables 0
5
6

Rows perpage: 100 ~  1-40f4

The user can perform batch category encoding by choosing an encoding type
and clicking the blue ‘Play’ button. This applies the selected transformation to all
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variables in the table.
Project: CS_testing 03 B O User Name o

Project Path: C:\Users\user\Documents\IDaiCS_testing 03

Data Data Prep! i Feature Ei

Home.

° Data Engineering
Upload a dataset to Train your Code-It-Yourself Two-Way Interaction  Variable Scaling and Transformation gory Encoding

model
Category Encoding ©
Encoding is performed 1o represent categorical variables as binary vectors.
2
Encoding Ty Before Encodin
#Unique ¥ YPS #Binary Columns  Retain o
Candidate Variables © ‘Catagineios Created Original
a (Hone 20 Variable
#Vanables 4
3 A% APP_PROD_CODE i 3 None v o
#% EFFICIENT_MAX_DLQ_023_MONTHS__ il 13 One Hot EnCOdInQ - 0
A% EFFICIENT_MAX_DLQ_EVER i 1 F'eque"cy En ing - ) [ After Encoding
A% NBR_BANK_OR_NATL_REVOLVING_ TR 1l, 17 None - 0
#Variables 4
4
#Created Variables 0
5
6

Rows per page: 100 14014

Project: €S_testing 03 B D@ U: o
ser Name

Project Path: C:\Users\user\Documents\DaN\CS_testing 03

1. Data Data Preprocessing Feature Engineering Univariate Analysis
° Data Engineering
Upload a dataset to Train your _
model
Category Encoding ©®
present categorical variables as binary vectors
2
Encoding Ty Befor
. #Unique e Type . #Binary Columns | Retaln e Encuding
Candidate Variables © : . ~ i Original
Categories. -0 Created Variable
#Vaniables 4
3 A% APP_PROD_CODE i 3 E v Loading.
A% EFFICIENT_MAX_DLQ_023 MONTHS__ . 1k 13 v Loading.
A% EFFICIENT_MAX_DLQ_EVER il 1 e E v Loading. After Encoding
A% NBR_BANK_OR_NATL_REVOLVING_TR . il 17 - Loading.
ol o = #Variables 4
4
#Created Varables 0
5
6

Rows per page: 100 1-40f4
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1 CS_testing 03 0
vath: C:\Users\user\Documents\Dai\CS_testing 03 g o e
L, Data Data Preprocessing Feature Engineering Univariate Analysis
0 Data Engineering
ad a dataset o Tra Code.li-Yoursell Two-Way Interaction Variable Scaling and Transformation [eSlCNEI I EAIAN
node
Category Encoding @
Encoding is performed fo represent categorical variables as binary vec
2
. Encoding Type " Retain Before Encoding
#Unique #Binary Columns. N
Candidate Variables O R e bt e s original
8¢ One Hot Encoding v @ Variable
#variables 4
B % APP_PROD_CODE il a Encoding - a (]
A% EFFICIENT_MAX_DLQ_023_MONTHS, W 13 Encoding v 13 (]
#, EFFICIENT_MAX_DLQ_EVER s 1 One Hot Encoding - n o After Encoding
A% NBR_BANK_OR_NATL_REVOLVING TR.. 1k 17 One Hot Encoding - [m}
#Variables 44
4
#C 44
5
6

Rows per page: 100 + 1-4of 4

To retain both the original and transformed variables/columns, the user can
check the corresponding boxes under ‘Retain Original Variable’ for the
variables they wish to preserve.

s g3 g (v}
ect Paih CAUsers\useriDocuments\IDACS.testing 03 8 @0  UserName
Dat Feature Engineering Univ e Analysis
Ot (G e
Category Encoding ©

ncoding is performed to represent categorical v

2
. Encoding Type " Retain Before Encoding
Candidate Variables © Snigue #Binary Columns o \0inal
Categories Creat 8
Variable
#\ariables 4

3 % APP_PROD_CODE il 3 Loading

o £F T Q_023_MONTHS 3

A% EFFICIENT_MAX_DLQ_023 MONTHS__ 1l 1 Keepx

8 EFFICIENT_MAX_DLQ_EVER il 1 1 After Encoding

A% NBR_BANK_OR_NATL_REVOLVING_TR . il 1z
2 ariable: 44

#Created Variable 44
5
5
6
Rows per page: 100 1-4014
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oject: CS_testing 03
oject Path: C:\Users\user\Documents\DaICS_testing 03 BE O User Name 0

A Data Data Preprocessing Feature Engineering Univariate Analysis

o Data Engineering
‘ = ain you Code-It-Yoursell  Two-Way Interaction  Variable Scaling and Transformation [(eICR RS ng

Category Encoding ©

coding is performed
2
Encoding Type Before Encodin
) ) #Unique ERE #Binary Columns  Ret2in g
Candidate Variables O i . it Original
= None -0 Variable
4
N #: APP_PROD_CODE il On - 3
)
A% EFFICIENT_MAX_DLQ_023 MONTHS_ . 1l 1 - 1 o
A% EFFICIENT_MAX_DLQ_EVER il 1 v (] After Encoding
8% NBR_BANK_OR_NATL_REVOLVING_TR.. 1l 1z - o
4 45
44
5
6
Rows per page: 100 1-40f4
Next
ect. CS_testing 03 = o
f Data Data Prepr il Feature i ing Univariate Analysis
o Data Engineering
t " (TSNS 206] Categorical Columns 2 Date/Time Columns 0 FI/E Numerical Columns 46 F/E Categorical Columns 3
. #Missing / )
Variable Name Histogram #Cases : Mean Median Skewness Kurtosis
Special Values
12 manual_APP_APPLICATION_KEY_ ih 15,000 0 862 8923 1946 5369
2 DOBER il 15,000 4,949 43 0 216
12 manual_DOBER_auto_log ih 15,000 0 2 850 1879 5014
©3 APP_MTHLY INCOME ih 15.000 0 11,215.06 4,583 20998 167241
12 manual APP_MTHLY_INCOME_aul i 15,000 0 3905 3951 0.195 3873
% APP_MTHLY_MORTGAGE ih 15,000 0 14198 0 68.996
12 manual APP_MTHLY MORTGAGE ih 15,000 0 018 0089 2446 3988
12 MONTHS_SINCE_OLDEST_TRADE ih 15,000 0 23984 27 0494 0189
6 12 manual_MONTHS_SINCE_OLDES1 ih 15,000 0 0 0102 0494 0198

@

To get a visual representation of any variable’s distribution, the user can click on
the bar chart icon under the histogram column (blue oval in the screenshot
above). The resultant chart provides the lower and higher bound values, the 25th
/50th/75th percentile values as well as any outliers. The range is also split into 10
bins by default and the count and share in each bin is provided.
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Project: CS._testing 03 B D u 0
ser Name

Project Path: C:\Users\user\Documents\IDai\CS_testing 03

Data Data Prep g Feature Engi il Univariate Analysis
Home
“ Data Engineering
d a dataset o Train you Categorical Columns 2 Date/Time Columns 0 F/E Numerical Columns 46  F/E Categorical Columns 3
Click to #Missing /
Variable Name Histogram #Cases ey Mean Median Skewness Kurtosis
Special Values
2
#3 APP_APPLICATION_KEY il 15,000 0 7,5005 7,5005 ) 12
12 manual APP_APPLICATION_KEY W 15,000 0 862 8923 1946 5369
3 |23 DOBER ik 15,000 0 4949 43 4925 0018 1216
12 manual_DOBER_auto_log ih 15,000 0 82 8503 -1879 5014
¥#3 APP_MTHLY_INCOME il 15,000 0 1121506 4583 29998 1672411
4
12 manual_APP_MTHLY_INCOME _aul i 15,000 0 395 3951 -0.195 3873
#3 APP_MTHLY_MORTGAGE i 15,000 0 14198 0 68.986 5461881
5
12 manual APP_MTHLY_MORTGAGE il 15,000 0 018 0.089 2446 3988
12 MONTHS_SINCE_OLDEST_TRADE il 15,000 0 23984 21 0494 0199
6 12 manual MONTHS_SINCE_OLDES1 ih 15,000 0 0 0102 0494 0199

APP_APPLICATION_KEY  Numerical Variable

“Box.Whisker Plots (Excludes Missing and Special Values)

14.250.05
(15 Outfier) (H5 Qutiier)

—— =

375075 750050
(p25)

Select Bin Size: 8w

Users can adjust the bin size to increase the number of bars in the distribution
chart, allowing for a more detailed view of how the data is spread across different
value ranges — which can help in detecting subtle patterns or outliers
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APP_APPLICATION_KEY  Numerical Variable

*Box-Whisker Plots (Exciudes Missing and Special Values)

Similarly the user can view the histogram for categorical variables. This bar chart
shows how a dataset is divided across different categories, helping users quickly
compare their sizes or frequencies.
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Project: CS_testing 03

Project Path: C:\Users\user\Documents\IDai\CS_testing 03 g m U liee °
L. Data Data Prep il Feature Engi i Univariate Analysis
Home
° Data Engineering
Upload a dataset to Train your Numerical Columns 206 Date/Time Columns 0 FIE Numerical Columns 46 F/E Categorical Columns 3
model

. 5 § #Missing | 5 § . .
Variable Name Histogram #Cases #Categories Spocial Valus Highest Oceurring Category #Highest Oceurring Category

2

A% APP_PROD_CODE il 15,000 3 0 regular 8,317
3
4
5
6

APP_PROD_CODE  Categorical Variable

Q2ns

raquiar
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@ I've noticed that you have not uploaded Meta data. While this upload is optional, if you'd
like to upload it, please click on "Continue" else press "Cancel".

i

Upon clicking the downward arrow to the left of the screen, the user can add
meta data by clicking ‘Continue’. This approach already has the ignore variables
option already populated with likely exclusion candidates.

Project C5_testing 02 o
Project Path C:\Users\user\Documents\IDai\C5_testing_02 E m User Name
H Data Data Preprocessing Feature Engineering Univariate Analysis
Homa
o Data Engineering
Upload a dataset to Train your
« Data Preprocessin
model ® " g
Upload Meta Data
continue
g Uploading meta data is optional. However, it is helpful when:
* You need to assign specific roles to variables in the training dataset
* You have list of default or special values for certain variables(list of Special Values must be separated
by comma in the Meta File)
8
%
4 g
Drag and Drop the File here
(CSV.Parquet Feather XLSX)
OR
S Browse File
]
® @ Show Sample (@ Download Sample

Once use clicks on “Show sample” a small pop-up displays the likely candidates
for the role categories as shown below.
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Sample meta.csv

1 Feature Role Special Values
2 |Var1 ignore

3 |Var2 explanatory
4 Var3 target
5 |Var4 explanatory

If user would like to view the above in Excel format, they need to click on
‘Download Sample” and the same will be displayed in Excel format as shown
below.

File Home Insert Pagelayout Formulas Data Review View Automate Help & comments | (X

| SN remerrv——T 2 | Bwapten (Gonera T B BB BRE Iy O

o~ e[ TR
Paste = 3= | [ Merge & Center + . «o g Conditional Formatas Cell  Insert Delete Format Sot& Find&  Addins | Analyze
= u == erge & Center B % Y WA g v Sylese v e = © Cear~  Filter~ Select~ Data

Clipboard Font [ Alignment [ Nurber [ Styles Calls Editing Addins ~

116 v I v

.
=
>
il

A B c D E F G H 1 ] K L M N o P Q R ta
1 |Feature Role Special Values
2 |Var_1 ignore
3 |Var 2 explanatory
4 |Var 3 target
5 |vara explanatory -9999989,-9999869
6
7
8

< > metal21 + HER] »

Ready £ Acressibility: Unavailable H B MO -—— %
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Once the Meta file is uploaded, the key characteristics are displayed on screen
as shown below.

~ demol1 CorestratUser2 o

C:\Users\LENOVO\Docum

Upload Data Data Preprocessing Feature Engineering Data Univariate Analysis
Data -

« Data Preprocessing
¥ meaniecsy [

Prepare your Data
Information Variable Roles

. = #lanore 9
5 Train A Model Special Values

Feature Role #5special Values  Special Values

4 Evaluate Your Model

5 Build Your Decision

&) Auto Documentation EFFICIENT_MAX_DLQ_023_MONTHS_REVOLVING  explanatory

@ ' ' Rows per page: 100 = 1-50 of 50

Once the user applies the relevant changes by clicking on “Apply Changes”, the
summary of these is displayed.
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0 Data PreProcessed Successfully

Data Summary
Before Pre-Processing - # Rows 15,000 # Column 50
After Pre-Processing - # Rows: 15,000 # Column 50

# NaN Rows Dropped 0 # Duplicate Rows Dropped 0 # Columns Dropped

Columns converted from Numerical to Columns converted from Categorical to

Coll Di d
Categorical Numerical olumna Droppa

Ty No Columns converted from =, No Columns converted from

5 lumns dr
Numerical to Categorical Categorical to Numerical x  No Columns dropped

Sampling and Target

Target Variable Selection

The first step is to select the variable that represents the outcome being
modelled. ID.ai provides the following:

1. List of all variables in the dataset which have fewer than 10 distinct values

called “candidate target variables”.

2. User can select one value from this list by moving it from the list on the left
to the right using the “>” arrow.

3. To reverse the selection the user can move variables from the right to the

left using the “<” arrow. (both this are indicated in the blue oval highlighted
portion in the screenshot)
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Project: Demo22
Croject Path: C:/Usersfuser/Documents/iDai/Demo22 (= User Name o
f St
e tep 1 Step2 Step3 Stepd Step s
1 DataEngineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
Jpk aset 1o Train
In progress

Select Target Variable

® The chosen variable will serve as the decision tree's oot nade, Only variables with distinct values up 10 10 will be shown
Candidate Target Variables Selected Variable for Target
3
[0 %  NBR_BANK_OR_NATL_REVOLVING_TRDLNS_O.
4 [0 %  NBR_FINANCE_COMPANY_TRDLNS_ACTIVE_O...
[J %  NBRFINANCE COMPANY TRDLNS OPENED O
[J 1  BANKRUPTCY_INDICATOR
[ %  NBR_RETAIL_TRDLNS_OVERLIMIT
[0 %  NBR_TRDLNS_OPENED_023 MONTHS_30P_DP
[0 % TOO_NEW_OR_STALE_FILE_INDICATOR
6 2 BAD

Once the target variable is selected, the next screen takes the user to the
‘Define Target Categories”. This provides a list of all the distinct values within
the selected target variable. The user needs to select which among these distinct
values will be considered as desired outcomes and which do not.

joct Demo22
ject Path: C:/Users/user/Documents/IDai/Demo22 B O User Name o

Step1 Step 2 Step3 Step 4 Step 5

1 DataEngineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
Jpload a dataset 10 T
Completed In progress

Select the categories that you want to train the model for
0 Sampling and Target ® Selected Categories will be treated as "Target”

Distinct Values/Categories Selected Values/Categories
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Stratified Sampling

The next step is to split the input dataset into the “train” and “test” samples. The
model will be built on the “train” sample and the results will be applied on the
“test” sample to check the integrity of the model build. The default is set at 70/30

split between train and test respectively, although the user has the option to
customize the split.

ect: Demo22
‘ath: C:Usersfuser/Documents i0ai/Dema22 g m A o
__ﬁ Step1 Step 2 Step3 Stepd Step 5
1 DataEngineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
st Completed Compieted InProgress
Split Train Test  BAD
a Sampling and Target ® This screen allows you to choose variables to draw a from
Selected Variables for Strata (Max 4)
3
Train Test
Tain 70 + - Total After Split 10,500 4,500
4
Test @
470
Target e
Candidate Strata Variables :
Seed Value © a0
5
10,030 4,298
[ #% APP_PROD_CODE I Non Target = N
[J 1 EFFICIENT MAX_DLQ_EVER
6 [ 1% NBR BANK OR NATL REVOLVIN

=3
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ct. Demo22
1 Path: C:/Usersjuser/Documents iDsi/Dema22 =) User Name o

L

Step1 Step2 Step 3 Step 4 Step 5

1 DataEngineering Select Target Variable Define Target Categaries Split Train Test Variable(s) to be Ignored Variable x Target Insights

n Progress

Variable(s) to be Ignored
o Sampling and Target @ | Eroesincide mocil i, sars umber,an peronal e

List of All Variables Variable(s) to be ignored

I (D) No potential variables were identified
4. APP PROD_CODE

A% TOP_3_FEATURE_AREAS W1

¥; DOBER

'3 APP_MTHLY_INCOME

'3 APP_MTHLY_MORTGAGE

'3 MONTHS_SINCE_OLDEST_TRADE

'3 AVG_CURRENT_BALANCE

3 AVG_MONTHS_IN_FILE

0O 0O0O0O0OO0ODOOaOo

=3
Independent Variable Insights

Users can combine multiple values of each categorical variable into custom value
groups based on similar predictive power or business context. The next few steps
indicate the procedures for the same.

Information Value

Information Value is a measure of the predictive power of the independent variable on
the target variable. The IV value thresholds for suspicious, strong, moderate, weak are
>2.0,0.5t0 2.0, 0.1 to 0.5, 0.02 to 0.1 and < 0.02 respectively.
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Upon reaching the "Variable Classing vs Target"” screen and initiating IV calculation,
the Correlation and IV-Fine Classing values are computed first.

CS_testing 03
h CUsers\user\DocumentsUDAi\CS testing 02 B O User Name 0

Step 1 Slep 2 Step 3 Siep 4 Step &
1 Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
. » dalaset to Train you Compheted Completed Completed Completed In Progress
Variable Classing vs. Target Smart Variables-Grouping Multi-Collinearity Insights Variabl n Walk

o Sampling and Target
efin rget

@ Processing information value for all 154 variables. Please hold tight as it progresses. Inferred Relationship 0
.l Menatonic Increase 0
3 Variables Correlation | IV - Fine Classing Inferred Relationship IV - Final Classing b B -
|11, Monotonic Decrease
A% APP_PROD_CODE ih Loading Loading - l L
0
% TOP_3_FEATURE_ARE il Loading Loading
0
4 12 HIGHEST_UTIL_ON_BA. ik Loading Leading 0
12 NBR_REVL_OROPEN_. 1h | Loading Loading 0
A% APP_PROD_CODE_idai ih Loading Loading
IV - Fine Classing 0
5 M. APP_PROD_CODE jidai. 1l Loading Loading
® Suspicious IV (IV 2 2.0) 0
L ’ M LQ 3 oading adin, .
% EFFICIENT_MAX_DL( il Loading Leading e (05 v 20 @
¥ EFFICIENT_MAX_DLQ_.. ik Loading Leading - - o 0
123 EFFICIENT MAX_DLQ ih Loading Loading ! o
6 ) 0
@ Rows per page: 100 ~ 1-100 of 154 >
After calculating the Correlation and IV-Fine Classing values, the system then computes
the Inferred Relationship and IV-Final Classing values.
Project. CS_testing 03
Project Paih. C:\Wsers\userDocuments\Dai\CS _testing 03 g User Name 0
Step 1 Step 2 Step3 Step 4 Step 5
{ Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
o 2 datas 0 you Complated Completed Completed Completed In Progress
Variable Classing vs. Target  Smart Variables-Grouping  Multi-Collinearity Insights  Variable Selection Walk
o Sampling and Target
Define the outcome or target
Inferred Relationship ]
Ll Monotonic Increase [}
3 Variables Correlation | IV - Fine Classing inferred Relationship IV - Final Classing AT -
1. Monotonic Decrease
12 manual_TOT_FIN.CHR. 1k o | ([ Loading, Loading I Ll U-Shape L
12 manual AMT_CRLIMIT gl 2088% 7o Loading. Loading
9§ Categorical [}
1 C X 1881% 9 ing.. .
4 12 manual NET_FRACTIO_. il 881 | o Loading. Loading — -
12 manual NET_FRACTIO. 1k woos | (e Loading, Loading [}
12 HIGHEST_UTIL_ON_BA ih 17.01% -Hwba Loading. Loading
IV - Fine Classing 163
6 12 manua_NET_FRACTIO 1l wors | ([ e Loading, Loading
® Suspicious IV (IV 2 2 0 1
112 manual_HIGHEST_UTIL ik 17.19% - 07618 Loading. Loading o Stong IV (055 IV <20 18
12 manual_HIGHEST_UTIL. gl 17.41% | B Lowding, Loading Moderate IV (0.1 5V <05) 45
12 manual HIGHEST UTIL gy 16.85% - 0.7344 Loading Loading Weakc IV (0.02 51V <0.1) 28
6 — ® Very Low IV (V< 0.02) 60
® Rows per page: 100 ~ 1-100 of 154 >
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Project: CS_testing 03

Project Path: C:\Users\userDocuments\DanCS_testing 03 E m User Name o
i s 5
el Step 1 Step 2 Step3 Stepd Step 5
1 Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
Completed ‘Completed Completed Completed In Progress.
Variable Classing vs. Target  Smart Var ping  Multi-Collinearity Insights  Variable Selection Walk
o Sampling and Target
Defin omeortarget ()
aleg: model Trainin
® e Inferred Relationship 154
|l Monotonic Increase 16
3 Variables Correlation IV - Fine Classing Inferred Relationship IV - Final Classing {1 Monotoric D -
Jell-Shape 20
12 manual_AMT_GR_LIMIT gy 2088% -75; & Monotonic Decrease (v -;9
88 Categorical 5
4 112 manual_NET_FRACTIO ih 1881% - 0o te U-Shape (v Optimal - - 05848 0
12 manual_NET_FRACTIO. 18 18.69% -: 8863 b U-Shape primal - - 05755 76
12 HIGHEST_UTIL_ON_BA.. ik 17.01% -33755 . U-Shape (v Optima - -33755
IV - Fine Classing 153
12 manual NET FRACTIO..  1h 18.27% -mm e U-Shape (v Opima - -(, 8492
5 ® Suspicious IV (IV 2 20) 1
E SHEST | % b U-Shape (v gt - )
12 manual_HIGHEST_UTIL ih 17.19% - 07618 pe - 06858 @ Sirong V(05 £V <20) -
12 manual HIGHEST_UTIL_. 1k 17.41% - 0.7462 4 U-Shape (v Opuma - - 0.5858 Moderate IV (0.1 <V <05) 45
12 manual HIGHEST_UTIL.. 1k 16.80% - 07344 4 U-Shape (v Optima - - 06644 Weak IV (0.02 <1V <0.1) 2
6 —— —

s @ Very Low IV (IV < 0.02) 60

@ Rows per page: 100 v 1-100 of 154 >

To view rows with a specific inferred relationship and/or IV-Fine Classing value range,

the user can simply select the desired category, and only the matching rows will be
displayed. (as depicted in the images below)
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Project: CS_testing 03 o
Project Path: C\Users\user\Documents\Dai\CS_testing 03 g o el
e Step 1 Step 2 Step3 Stepd Step 5
1 Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
" \"““ S Completedt Completzd Completed Completed In Progress
Variable Classing vs. Target  Smart Vari ping  Multi-Collinearity Insights  Variable Selection Walk
o Sampling and Target
Define the outcome o target (&)
category for model Training
an Inferred Relationship 154
1l Monotonic Increase 16
3 Variables Correlation IV - Fine Classing Inferred Relationship
i, Monatonic Decrease 18
12 manual_NET_FRACTIO il 17.99% — 4 Monotonic Increase 1V 0... 03082 Ll U-Shape 19
Bell-Shape 19
12 manual HIGHEST UTIL_ .ty 17.03% _ 1 Monotonic Increase (V0. 02913
98 Categorical 5
Y 359 e 4 Monotonic Increase (VO... .
4 12 manual_NBR_DEROG_T . 1l 12.35% 03392 ick 0.3381 X Manual 1
12 manual PRC_TROLNS | ik 11.96% 02786 # Monotonic Increase (V... w 0 Fine Classing 76
12 manual NBR_COLLECT il 11.06% 02557 W Monotonic Increase (V0. 02557
— IV - Fine Classing 153
5 12 manual NBR_INQUIRIE.. i, 2.63% 0.1098 4 Monotonic Increase (v0.. 0.1998
@ Suspicious IV (IV 2 2.0) 1
12 manual NBR_TRDLNS. il 9.48% 14 Monolonic Increase ¢vo... v L ®Strong IV (055 IV <2.0) 18
12 manual_NBR_INQUIRIE ih 381% 01806 1 Monotonic Increase (VO... w 01806 Moderate IV (0.1 IV < 0.5) 45
12 manual NBR_TROLNS_ 1l B9% 04726 J 04726 Weak IV (0.02 IV < 0.1) 2
6 - @ Very Low IV (IV < 0.02) 60
[©) Rowsperpage: 100 v  1-160f 16
Project: CS_testing 03 o
Project Path: C:\Users\user\Documents\IDai\CS_testing 03 gm Wb
L - o . .
- o Step 2 Step3 Siepd Step 5
4 Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
T Completed Completed Completed Completed a Progress
o
Variable Classing vs. Target Smart Vari ping Muiti i ity Insights Variable Selection Walk
o Sampling and Target
Define the outcome o tar ®
category for model Training
a Inferred Relationship 154
1| Monotonic Increase 16
3 Variables Correlation IV -Fine Classing Inferred Relationship
i, Monotonic Decrease 18
12 manual NBR_DEROG_T . ik 12.35% 03302 4 Monolaric Increase (V0. + 03391 b8 U-Shape 1
Bell-Shape 19
12 manual PRC_TRDLNS | itk 11.06% 02785 1 Monotonic Increase (V0. 0
8 Categorical 5
y 4 Monotenic Increase (V0.
4 12 manual NBR_COLLECT 1y 11.96% 02557 02557 3¢ Manual -
1-2 manual_NBR_INQUIRIE il 963% 01992 4 Monofanic Increase: (Vo v 01998 Fine Cla: 76
12 manual_NBR_TROLNS_.. il 9.48% 0.1804 4 Monotonic Increase (V0. w 01833
— IV - Fine Classing 153
5 12 manual_NBR_INQUIRIE. th 881% 0.1806 d Monolonic Incresse: VO... w 0.1806
® Suspicious IV (IV 2 2.0) 1
P % 4 Monolonic Increase (0.
12 manual NBR_TROLNS. ih 89% 014726 01726 ' Srong VL5 £V £20) 18
12 manual NBR_TRDLNS .. 1k 881% 01649 1 Monotonic Increase (V0. w 01649 Moderate IV (DA< IV <0.8) 45
12 manual NBRINSTALLM gl 863% 01532 1 Monotonic Increase (vo... Bhsa2 Weak IV (0.02 <1V < 0.1) 29
6 L ® Very Low IV (IV < 0.02) 80
® Rows perpage: 100 v 1-120f 12

When the user clicks on the Histogram icon (next to the variable name), a detailed
histogram screen appears.
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manual_TOT_FIN_CHRG_auto_standardization  Loading

Fine Classing IV-Optimal Classing

%%

Loading...

If user selects a numerical variable

manual_TOT_FIN_CHRG_auto_standardization Beil-Shape (IV Optimal)

Fine Classing Correlation with Target: 2784 L% - IV-Optimal Classing

6 88
(034 (02
0.1

5, (

(-0.37. 6 1 (0.03,

(- (026, (015, ( (03
037 026) 0.15] 0.03] 034 129] in ) 026]

5, 003 (034

0.1
5] 003] 034]

© Target Rate % (Train) () Target Rate % (Test) @ % Count (Train) () % Count (Test) Taiget Rate % (Train) () Target Rate % (Test) @) % Count(Train) () % Count (Test

Key in Spits by Comma

Users can define custom splits by entering values into the ‘Key in Splits by Comma’
textbox. After clicking the ‘Apply’ button, the customized graph will be shown in the
component below.

s(he) can also choose between ‘User Specified Classing’ and ‘IV-Optimal Classing’
based on their preferred method.
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manual_TOT_FIN_CHRG_auto_standardization

Fine Classing Correlation with Target:  27.84 v - QO Iv-Optimal Classing Bell-Shape (IV Optimal)

003

(034
0.34] 129

(© Target Rate % (Train) () Tar st) @ % Count(Train) () % Coun (Te

@ User Specified Classing X Manual wv: -

1589%

(int, (026 (015 (0.03 (034 (129
0.37] 003) 034] 129) inf]

QO TamgetF get Rate % (Test) @ % Count (Tram) () % Count (Test)

(it (037, (015, 034
037] 0.15] 0.34] )

(O Target Rate % (Train) (0 Torget Rate % (Test) @ % CountTrain) (1) % Coun (Test

Key in Spiea by Comma

Once the user clicks ‘Submit’, the Inferred Relationship for that variable changes to
‘Manual’, replacing the previously inferred value from IV-Optimal Classing.

Project: CS_testing 03
Project Path: C:\Users\user\Documents\Dai\CS_testing 03 g m User Nama °
ﬁ Step 1 Step 2 Step 3 Step 4 Step 5
Home P 3 P p P
1 Data Engineeri Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
UPaada ca Completed Completed Completed Completed In Progress.
medel
Variable Classing vs. Target Smart Vari: ping Muiti i ity Insights Variable Selection Walk
o Sampling and Target
Define the ouicome or target  [CE)
category for model Training
Inferred Relationship 154
lul Monctonic Increase 16
3 Variables - i | Correlation | IV-Fine Classing Inferred Relationship IV - Final Classing s Monlonic Decrease -
Bell-Shape 19
12 manual AMT_CR LIMIT.. il 2099% -m % Monotonic Decrease (V. -zg
8 Categorical 5
man o  U-Shape . - 5
4 12 manual NET FRACTIO.. 1l wors | [N oo b U-Shap | s X Manual 1
12 manual NET_FRACTIO il 1869% -3553 u U-Shape (v Opumai - - 05755 Fine Classing 76
12 HIGHEST_UTIL_ON_BA 1l 17.01% -:stma lu U-Shape (v Optimal - -lsf‘JB
e IV - Fine Classing 153
5 12 manual NET_FRACTIO... il 1827% -n 8452 s U-Shape (1 Og - -73492
® Suspicious IV (IV 2 2.0) 1
. " 5 g i U-Shape (v Optima -
12 manual_HIGHEST_UTIL ih 17.19% - 0.7618 1 hape - 0.6858 Sirong IV (0.5 5 IV < 2.0) 18
va mamanoestome . | v | [ o wushse o+ | ([l o aderse v @15V <08) 45
12 manual HIGHEST UTIL . g, 16.86% - 0.7344 1 U-Shape (¥ Optimal - - 0.6644 Weak IV (0.02 <1V = 0.1) 29
6 — — ® Very Low IV IV < 0.02) 60
[©) Rows perpage: 100 v 1-100of 154 >

==
Users can control what data appears on the screen by clicking the three dots next to a

column name. This opens options to sort in ascending/descending order and apply
filters.
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Project: Demo22
Project Path: C:JUsersjuserfDocuments/IDai/Dema22 E o User Name o
L.
e Step1 Step2 Step 3 Stepd Step 5
1 DataEngineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
ummln a dataset to Train your "
Variable Classing vs. Target  Smart Variables-Grouping  Multi-Collinearity Insights ble Selection Walk
o Sampling and Target
Define the outcome of target ®
category for model Training.
@ (@ Processing information value for all variables. Please hold tight as it progresses. Search Inferred Relationship 106
|1! Monotonic Increase 21
Variables H w ing IV - Final Classir
9 ables i nal L i1, Monotanic Decrease 18
T SortbyASC D . - - el v z
Bell-Shape 28
& Sort by DESC 2104% -9 1 Monotonic Decrease (v0r.. -s
88 Categorical 2
1 M I v Opti...
g _— wor | e oo« [ o700 i -
SR e ™ — e Clsang 1
5 NET_FRACTION REVOLVL. il 1722% -‘9755 i Monotonic Increase (v Opi.. w 04389
IV - Fine Classing 106
13 HIGHEST_UTIL ON REVO, ih 16.62% -0_3517 L U-Shape (v Optimal) - -U 897
5 e ® Suspicious IV (IV = 2.0) 1
8 [ U- s - 8
3 HIGHEST_UTIL ON BANK.. 1l 17.01% -uuse Lt U-Shape (v Otims) -uuse o Swong V(0.6 5V < 2.0) 25
1?3 HIGHEST UTIL ONREVL .. 1y 16.33% -e 8725 ta U-Shape v Optimal) - -uans Moderate IV (0.1= IV < 0.5) 56
% HIGHEST_UTILONBANK... il 1671% -umm lu U-Shape v Opimal - -umaa & Weak IV (0.025 IV < 0.1) 20
6 N . . ——— R R ——— ® Very Low IV (IV < 0.02) a
@ Rows per page: 100 ~ 1-100 of 106 { >
Back

If the user selects ‘Filter’, they can apply specific filters to refine the data displayed on
the screen.

Project: CS_testing 03
Project Path: C:\Users\user\Documents\Dai\CS_testing 03 g m UserName °
ﬁ - 8 . y
Skl pi Step 2 Step 2 Stepd Step 5
4 Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
Up M‘ud dataset to Train your F— S T = e
mode
Variable Classing vs. Target  Smart Vari ping  Multi-Colli Insights  Variable Selection Walk
o Sampling and Target
Define the outcome or target

category for model Training.

Inferred Relationship 154
|l Monetonic Increase 16
Variables Correlation | IV - Fine Classil Inferred Relationshi IV - Final Classin

3 ng P 2 I, Monotonic Decrease 18
Galumns Operator Value X Manual - _ Lt U-Shape L
X Variables ~ contains = Filter Bell-Shape 19

w Monotonic Decrease v | ([ e
T T Y 88 Categorical 5

(. U-Shape (v Opimai - 5

4 12 manual NET_FRACTIO.. 1k 18.81% - 09 P - 05848 X Manual 1
12 manual NET_FRACTIO ih 1869% -38553 te U-Shape (v Optimal - - 05755 Fine Classing 76

12 HIGHEST_UTIL_ON_BA il 17.01% -mm} tu U-Shape (v Optimal - -1375»1
s IV - Fine Classing 153

5 12 manual NET FRACTIO.. ik 18.27% -o 8492 4 U-Shape (¥ Optimal - -75492
® Suspicious IV (IV 2 2.0) 1

- wal_HIGHEST_UTIL 7.19% b U-Shape (v Optma - -
12 manual_HIGHEST_UTI ih 7.1 - 07618 (v Ope 04858 @ Strong IV (05 <V <20) 18
12 manual HIGHEST_UTIL. ik 17.41% - 0.7462 i U-Shape (v Opums - - 05858 Moderate IV (0.121V<05) 45
12 manual_HIGHEST UTIL . gy 16.86% - 07344 t U-Shape - - 0.6644 ® Weak IV (0.02 <1V <0.1) 29
6 e —_— ® Very Low IV (IV < 0.02) 60
[©) Rows per page: 100 ~ 1-100 of 154 < >
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If user selects a categorical variable

APP_PROD_CODE_idaix_EFFICIENT_MAX_DLQ_EVER 83 Categorical (IV Optimal)

Fine Classing Correlation with Target:  10.95 Iv:  0.2549 IV-Optimal Classing

Perform Manual Binning

To create custom bins, click on ‘Perform Manual Binning'. In the ‘Key Your Splits’
column, group categories into the same bin by assigning them the same key value

APP_PROD_CODE _idaix_EFFICIENT MAX_DLQ_EVER  Cawgorical Varlable

Auto Key in your Fine Classing

Categories #Cases  #Targets  %#Targets
Bins splits

regular_idaix_3.0 5 18 10.29% 1

regular_idaix_1.0

pren
student_idaix_9.0
premier_idaix_3.0

premier_idaix_2.0 S g
Manual Classing
student_idaix_4.0 % @

regular_idaix_2.0

regular_idaix_5.0
student_idaix_20
student_idaix_1e-05
regular_daix_1e.05

regular_idaix_4.0
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APP_PROD_CODE_idaix_EFFICIENT_MAX_DLQ_EVER  Cat

Fine Classing

Auto Key in your
#cases  WTargets
=pis

18

@ Manual Classing

Apply Manual Bins

Once you click ‘Apply Manual Bins’, a new chart showing the custom binning will
appear on the right.

APP_PROD_CODE _idaix_EFFICIENT_MAX_DLQ_EVER  Categorical Variable

AU Key in your Fine Classing

Categories #Cases  WTargets  “#Targets
splits

18

Manual Classing

Apply Manual Bins

After submitting, you can choose between the manually defined bins or the IV-Optimal
classing.
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APP_PROD_CODE _idaix_EFFICIENT_MAX_DLQ_EVER

Fine Classing Correlation with Target:  10.95 Iv:  0.2549 O Iv-Optimal Classing 8§ Categorical (I Optimal)

|00 vy

L I I o
ot o ot ittt et i T
(O Target Rate % (Trai) () Torget Rate % (Test) @) % Couni(Tran) (% Count (Test

28%

2
I I I @® User Specified Classing X Manual
9

W PLE
et et et

09 o\ o 109

3 ¥ jos 0% 0 O et ot
PRl g LN oo™
(O Terget Rate % (Train) (D) Target Rate % (Test) (@ % Count (Train) () % Count (Test)

g
@
Teguiar_ldai premier_idal regular_idal missing_idal

(© Target Rate % (Train) () Target Rate % (Test) @ % Count(Train) (1) % Count (Test)

Perform Manual Binning
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Clustering :
This screen allows users to configure the VarClus Clustering Algorithm:

1. Number of Clusters or Variance Retention:

* Specify the desired number of clusters or the proportion of variance to retain.

* The algorithm will stop splitting clusters once either condition is met.

2. IV Threshold:

* Define an Information Value (IV) threshold. Variables falling outside this threshold will
be excluded from the clustering process.

3. Clustering Method:

» Choose between clustering on the Weight of Evidence (WoE) of binned variables or on
the original values of the variables.

If user selects ‘Use Original Variables’:

CS_testing 0.
: vame @
ath: CAUsers\user\Documents\IDai\CS_testing 03 B D User Name
Step 1 Step 2 Step 3 Step 4 Step 5

Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights

Variable Classing vs. Target Smart Variables-Grouping Multi-Collinearity Insights Variable Selection Walk

o Sampling and Target ®

®
~— Number of Clusters
Click 10
continue Varlance Expli
70
w
0.02
e
QO use Binned Variables
@® Use Original Variables
kip Clustering
@

Once the algorithm is executed, this screen displays:

1. Cluster Summary Table (Middle):

* Displays the number of clusters formed and the proportion of variance explained by the
first principal component (PC1) of each cluster.

» Users can click on any cluster to manually select or change the variable that represents
it.

2. Final Variable Table (Table 2):

* Lists the final set of variables selected for model building. All other variables will be
discarded if the user saves the clustering results.
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3. Summary Text Box (Right):
» Shows the proportion of variance explained by the final set of variables across the
overall dataset.

oject: CS_testing 03
alh C:\Users\usen\DocumentsUDAI\CS testing 03 g o Lol Q
ﬂ\ Step 1 Step 2 Step3 Step 4 Step 5
{ Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
: . o Complated Complotad ompleted Comploted In Progress
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If user selects ‘Use Binned Variables’:
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Once the algorithm is executed, this screen displays:

1. Cluster Summary Table (Middle):

* Displays the number of clusters formed and the proportion of variance explained by the
first principal component (PC1) of each cluster.

 Users can click on any cluster to manually select or change the variable that represents
it.
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2. Final Variable Table (Table 2):
* Lists the final set of variables selected for model building. All other variables will be
discarded if the user saves the clustering results.

3. Summary Text Box (Right):
» Shows the proportion of variance explained by the final set of variables across the

overall dataset.

oject: CS_testing 03
o Pa. CaeusaDocumeUDAACS s 03 B M username @
Step 1 Step 2 Step 3 Step 4 Step &
1 Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
o et ! Completed Completed Completed Completed In Progress.
le ¢ a -G 1 c I I

o Sampling and Target
Jefine the out target

aining

6

sject: CS_testing 03
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4 DataEngineering
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o Sampling and Target
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Generating Cluster(s)..

E DM User Name o

Step 1 Step2 Step 3 Step 4 Step 5
Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
Completed Completed Completed Completed In Progress

Variable Classing vs. Target Smart Variables-Grouping Multi-Collinearity Insights Variable Selection Walk

Smart Variables-Grouping® Final Clusters® Final Set of Variables Results

[ #Featres  Proporions — ¥Final Clusters 25
Number of Clusters
— . . 12 manual NER_TROLNS 3. Cluster2
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Once you have chosen the required methodology with which to run the algorithm, you

can:
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Click “Save” button, to save the clustering results and to proceed with the final variable
set.

Click “Skip” button to discard the clustering results and to retain the original variable set.

Save Clustering?

@ Only the features in final set of Variables list explaining variance of 38.46% in the data
will be used for further journey. Click Save for confirmation.

& Clustering data saved successfully!

Correlation and multicollinearity

This tab provides the correlation values between the target variable and all the
independent variables. Using the measure of Variance Inflation Factor (VIF) the
variables that fall into very high (VIF > 10), high (VIF between 5 & 10), moderate (VIF
between 1.5 & 5) and low (VIF < 1.5) are listed.

Project: CS_testing 03 °
Project Path: C:\Users\user\Documents\IDai\CS_testing 03 E m User Name
f
e Step 1 Step 2 Step 3 Step 4 Slep &
1 Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights
WJWVU’ el Completed Completed Completed Comploted In Progress.

Variable Classing vs. Target  Smart Vari ping  Mult i y Insights  Variable Selection Walk
e Sampling and Target
Defne the outcome ortarget ()
ategory for model Trainir
® IV Lower Threshold IV Upper Threshold Comrelation Threshold VIF Threshold
0.02 1 0.95 10 Generate VIF

Cliek 16
continue
5

Select Variable
Correlated Variable Pairs (> Correlation Threshold)
All Variables -
12 VIF Range 36
4
e ® Very High Muliicollinearity (VIF = 10) 0
08
® High Multi 1y (5 5 VIF < 10) 0
06
Moderate Mulli y (15 VIF < 5) 0
04
5 Low or No Multicollinearity (VIF < 15) 35
02
0
6
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The button “Correlated Variable Pairs (> Correlation Threshold)” provide the
correlation between the two variables with correlation above the threshold amount, and
will also show the variable that is retained and the variable that is being dropped

Variable Pairs with High Correlation (> Correlation Threshold)
in the VIF calcelaton, orly the vanable with higher coolation with the target variable i included)

Correlation between

Variable 1 (Retained) Variable 2 (Oropped) Variable 1 & Variable 2

(@ No highly correlated variable pairs identified.
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The page below provides a step-by-step overview of how the initial dataset was
processed and transformed through various stages of variable selection. It visually
tracks:

Initial number of variables at the start of the pipeline.

Removal steps, such as dropping sensitive, duplicate, empty, or irrelevant variables
Addition steps, like creating new variables through interactions, transformations, and
one-hot encoding

Final number of variables available for modeling after all selections and transformations.
Each step shows how many variables were added or removed, allowing you to
understand the evolution of the data

€S _testing

B User Name o

DocumentsUDai\CS_testing 03

A siep2 steps siep Steps

Data Engineering Select Target Variable Define Target Categories Split Train Test Variable(s) to be Ignored Variable x Target Insights

Variable Classing vs. Target Smart Variables-Grouping Multi-Collinearity Insights Variable Selection Walk

o Sampling and Target ®

+103

+44

-62
-52
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Model Comparison: Summary

- User can create upto 3 model max and compare them

Project: Demo22
Project Path: C:/Users/userjDocuments/IDai/Dema22 E O User Name o

L3

Horme

1 DataEngineering
Upload a dataset to Train your Model 01 y A Model Ensembling

model
Properties
Selected Use as Final Model
2 Sampling and Target
Define the outcome or target
e i KS Stats Train: - Test: - Tain: - Test: -
GINI Stats Train: -~ Test: -- Train: -- Test: --
e Train A Model
Lot the tool automatically Tain () F1Score @ Traine -~ Test: - Train: Test: —-
your model or do it yourself. B . : :
AUC Train: -- Test: -- Train: - Test: -~
4 Variable(s) in Final Tree v Variable(s) in Final Tree v
List of Final Variables in the model
Variable(s) in Final Model v Variable(s) in Final Model v
B Please enter remarks. . Please enter remarks...
Remarks/Description
6

- Perform Ensembling, Compare Models with KS & Gini and Select Final Model
to be used.

(& Moadel Ensembling Successful!
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Train a Model Section

Model Settings and Root Node

Once all the input data has been finalized, the next stage is to build the model.
The first screen (Summary of all models) is shown below. (This is what it looks
like initial, before any models have been developed - by default model 01 is
selected as the Final Model’)

tSUDaICS _testing 03 =] User Name o

Performance Inferpretation Guide

A Model Ensembling
Properties
2 Sampling and Target
KS Stats Train: Test: Train: Test:
GINI Stats Train: Test: Train Test
e Train A Model
. © F1 Score @ Train: Test: Train: Test
AuC Train: — Test: -- Train: - Test: -
Variable(s) in Final Tree ~ Variable{s) in Final Tree v
List of Final Variables in the model

Variable(s) in Final Model v Variable(s) in Final Model v

Pleas
Remarks/Description

surmar Y
This guide helps users understand model performance at a glance by assigning

color-coded scores to four key evaluation metrics: KS Statistic, Gini Coefficient,
F1 Score, AUC (Area Under the Curve)

User can begin model creation by selecting a ‘Model 01’ next to the ‘Summary’
button
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1Dai/CS testing 03 an o
User Name

C:/Users/user/Documents/IDai/CS _testing 03

Target Variable
APP_PROD_CODE

oo e

Click on nodes for options to grow/de-grow the tree.

" IDO Train Test
Train A Model |
0 @ Total 178 77

Target 24 "
| Target% 13.48% 14.29%

Before starting a model build, the user has the option to customize the following
parameters by clicking on the settings symbol on the top right corner of the “Train
A Model’ tab (highlighted using a small blue circle above):

1.

4.
5.

Global parameters: node size, maximum split levels, pairwise correlation
limits, VIF and IV

Score scaling: Base Score, Base Odds and PDO (Probability of double
odds)

Decision tree parameters: Minimum cases (#) or targets (# or %) in a node
Logistic model parameters: p-value limit

Random Forest and XGBoost parameters

Once the user has input the desired settings, these are saved by clicking on the
“‘Update” and “Save Settings” button on the respective pop-up boxes.
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Project: CS_testing_01 g m
User_peneto1

Project Palh. C:\WUsers\user\DocumentsiDaiCs_testing 01

ﬁ
e Global Parameters v

1 Data Engineering
Upload a dataset to Train you

Decision Tree Parameters v
model
N Model.ai Parameters ~
2 Sampling and Target
Define the outcome or target
alegory for mode! Train
Logistic Regression v
Random Forest v 0 Train Test
o Train A Model &
Let the tool automatically Train (&) tal 178 77
your n | of do it yourself XG Boost v
get 24 11
Neural Network
. et% 13.48% 14.29%
Save Settings -
5
Ioom
6 ]
Summary [LIGEER] @
Project: CS_testing 01 0
Project Path: CAUsers\user\Documents\Dal\CS testing 01 B m User_penetol
L
Home Global Parameters v
1 Data Engineering
Uplond m dutaset to Train you Decision Tree Parameters v
madel
N Model.ai Parameters ~
2 Sampling and Target
Define the outcome or target
alegory for model Traini
Logistic Regression ~
° Train A Model [ ®
Letthe tool automatically Train . 178 77
your model or do P-Value Limit 0001
24 11
13.48% 14.29%
4 Random Forest v
e
XG Boost v
5 Neural Network v
Saw
6 o

Summary QLUGLERRE Model 02 Model 03
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Project: ID/CS _testing 03
Project Path: C:/Usersfuser/Documents/IDai/CS testing 03 S Resyiane °
H
Homn
q1 DataEngineering Random Forest o~
Upload a dataset to Train your
ol Tree Parameters
Random Seed Number of Random Forest Trees
(=50) (= 10and = 500)
2 Sampling and Target
Define the outcome or target 404 100
category for model Training.
Max Depth of Each Treo Min Spit Loss Roduction .
(=0mnd=10) (20and=5) 0 Train Test
o Train A Model &
Letthe toot sutomatically Tin (D) al 178 77
your model of do it yourself 6 o
Jet 24 M
MinSample # toSplita  Max Delta Step Size Fraction of Features to it% 13.48% 14.29%
4 Node (= 0and = 100) Consider
21 anel < 500) (=05and=1)
20 20 08
5 Regularization Parameters
L1 Regularization (Sparsity) L2 Regularization (Shrinkage)
(20and15) (=0and= 100)
o 1
6
@ XG Boost v
Project: ID/CS _testing 03
Project Path: C:/Users/user/Documents/IDai/CS testing 03 8o Resyiane °
H
Home Tree Parameters
41 DataEngineering Random Seed Max Depthof Each MinSample #1o  Max Number of
Upload a dataset to Train your (=500 . Seftatiede e
X =3and = =1 0= = 0and =
404 0 20 6
2 Sampling and Target
Define the outcome or target Foature Impartance Type MinSputlase - Tractonol
category for model Training (EDad35) Consider
(=05amd=1)
Gain - o 08 .
0 Train Test
e Train A Model &
Let the toot sutomatically Tain (D) Regularization Parameters al 178 77
your model or do it yourself
L1 Regularization (Sparsity) L2 Reguiarization (Shrinkage)
(=0mnd=5) (=0and= 100) jet 24 M
t% 13.48% 14.29%
4 o 1
Learning Parameters
Step Size for Each Neration Mumber of Boosting Rounds.
(z00Nand =0.3) (Tree)
6 (100 arw = 500)
01 100 s
Evaluation Parameters
8 Evaluation Metrics for Validation Data
@ negative log-ikelihood -
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Project CS_testing 01 a
Project Path, C:\Users\use\Documents\DaiCs.testing 01 g O User_penetot
f
Home XG Boost v
1 DataEngineering
Upload a dataset to Train your
Neural Network ~
Neural Structure
2 Sampling and Target
Define v Compiler Parameters
Loss Optimizer
Binary Cross Entropy - adam - Train Test
Metrcs 178 77
accuracy X - 24 11
Epochs Baich Size 3.48% 14.29%
4
100 32 - e
Early Stopping Flag
® Yes O No
5
Patience Min Deita
(22ands20) (200001 and< 1)
10 0.01
6
® Save Setlings

Once the settings are finalized, the user can click on the root node to get multiple
options to either grow the decision tree (“Auto Grow”) or build an Al based
model (“Run logistic or Random Forest or XGBoost”). In both these cases, the
user does not have any control over the resulting tree and segmentation.

IntelliDecision.ai does it

allfor you

This option buids a decision

re or analytical model Auto ML Model

through inteligent
calculations.

Do-lt-Yourself (DIY)

This option sllows you to do D. L3t l - I
5 option youto ~
things manually as per your oy N v

preferences and necds

Collapse Node Add Your Splits Manual Grow
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Auto Grow

When the “Auto Grow” option is selected, a tree is developed starting from the
root node and progressing to subsequent levels based on robust separation
within each level and across different levels.

By Using ‘+’ button we will get new screen of root node of tree, here we can run
different operations based on our requirement.

Project: IDai/CS _testing 03
Project Path C:/Users/user/Documents/IDai/CS.testing 03 B @ User Name o

n Target Variable
APP_PROD_CODE A, PeieSDscleknaiiods

Change Target Variable
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ﬁ
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i
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;i!

frer
{{es
Jevi
e
fred
{{ef

cfevie
3

o EB0)
Summary

If user does not wish to split a particular node into sub-classes, they can go back
to that node and click on “Collapse Node” option.

1D No: 044

Variable(s).
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Project IDai(CS. testing 03

Project Path: C:/Usersfuser/Documents/IDai/CS testing 03 [=]ns) User Name °
Ps Target Variable 70
Lo APP_PROD_CODE || imeliiDecision.ai Node

IntelliDecision.ai Node - Disabled

1 DataEngineering
model. ~ | Model.aiNode
2 Sampling and Target
Define the outcome of target
category for model Training
o Train A Model
Letthy cally Trai @) o ain e s oS WA AR s
4 x 2 2 z ¢ :
5 - - e - e - - =

e =
Summry ®

To insert an additional split within a node, user can click on “Manual Grow”
within that node. User gets the options to choose any variable to be split then
click on “Split Node”; the IV values are provided to make an informed decision.
Do note that the variables with the highest IVs are placed at the top.

ID No: 044

IntelliDecision.ai does it
toryon & o)
.

Auto Grow Auto ML Model
(Docision tree) (B claceification model)

Do-It-Yourself (DIY)

RaAa "

12 auto_NBR_TRDLNS_30P_DP.

This option allows you to do

12 auto MONTHS_SINCE_OLDE. v
1:2 auto_NBR TRDLNS_30P_DP.

12 auto AVG_MONTHS IN FILE

1:2 auto MTHS_SNC_OLDEST R...

12 auto PRC_TROLNS_EVER DE.

12 auto_ MTHS_SNC_OLDEST R. Ly
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ID No: 044

IntelliDecision.ai does it
aforyou 6'2
This option builds a decision

tree or analytical model p
thiough inteligent {Decicion oo}
calculations.

Do-It-Yourself (DIY)
This option allows you to do

things manually as per your
preferences and needs.

Select Feature
12 auto_NBR_TRDLNS_30P_DPD_0,

Split Node

Project: IDai/CS_testing 03
Project Path: C:Usersjuser/Documents/IDaifCS _lesting 03 E o User Name o
e
F 3 Target Variable : — .
L APP_PROD_CODE = L i e
1 DataEnginsering IntelliDecision.ai Node - Disabled
model, - om ] Modeisinede I L
E]cmmmwmmmm-mmm, b -
B SavpingandTarget B T s e s amman ammms A e
Define the outcome of taiget
category for model Training

o Train A Model &
®

Let the tool automatically Train

your model of do it yoursalf, [T —— T
Click to .
continue | T -
4 - - s
3
+

© N ©

Once the automatically generated splits are available, the user can generate
custom splits within this variable by clicking on “Add your splits”. This leads to a
dialog box where user can assign the variable ranges in integer-based groups.
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Expand ID No: 064 (49.73 - 164.44)

Enter the desired number of bins | 10 ¥
Test Train Grouping
# Range #Cases #Target Sl Target #Cases #Target “#Target Select categories 10 be grouped together Create your on spits
i 4873-6120 44 1 221% 12 2 175%
2 61207267 il ] 0.00% 116 0 0.00%
3 T267 8414 &1 0 0.00% 98 1 102%
4 £414.-9561 3 ] 0.00% 109 2 183%
Specifly the Spill point by Comma separated
5 9561-107.08 34 0 0.00% L] 0 0.00%
[ 107.08 - 118.56 2 ] 000% [ 2 23%
7 118.56-130.03 S ] 0.00% 68 1 147%
[l 13003 - 14150 2 ] 0.00% 62 0 0.00%
E] 14150 - 15297 % ] 0.00% 83 1 1%
1 15257 - 164 44 3 0 000% 60 1 167%

Expand ID No: 064 (49.73 - 164.44)

erofbins | 10 =
Test Train Grouping

# Range #Cases #Target %k Target #Cases #Target w#Target Select categories 1o be grouped together Create your own spifts
1 49738120 4“ 1 221% 12 z 179% 1

2 6120-7267 41 ] 000% 118 0 0.00% 1

3 T267-8414 51 o 0.00% 9% 1 102% 1

4 B414-9581 36 o 0.00% 109 2 183% 1

Specifly the spit point by comma separated

5 956110708 34 o 0.00% a 0 (1733 2

5 10708- 1856 29 o 0.00% % 2 233% 2

7 18.56-130.03 % 0 0.00% 6 1 147%

8 13003 - 14150 24 ] 000% 82 0 vors

g 1415015267 ] ] 0.00% 8 1 11

0 15297 - 164 44 33 o 0.00% 60 1 167%

O ©xma ot
Teat T Test Test Traia
Casss ‘ Cases. 72 Cases. ] Cases.
Taget ' o Tugat B Tuget } 2 Target
g Tragiet s 5 Teagerh . P Teageeh

Expand Node

Another way to split is to “Specify the split point by comma-separated” values in
the right of the screen. Press “Submit” after that. Click on Expand Node.
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1800.00

1940.00

208000

222000

236000

250000

264000

275000

252000

306000

-1940.00

- 2000.00

- 222000

- 2360.00

- 2500.00

- 2640.00

-2780.00

-2920.00

- 3060.00

-3200.00

#Cases

18

514

Test

#Target

%#Target

169%

156%

0.55%

294%

30a%

0.00%

0.00%

0.00%

#Cases

m

74

Expand ID No: 06 (1800 - 3200)

“#Target

0T¥%

6.38%

Select categories o be grouped together

www.corestrat.ai

N
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Grouping

Create your own spits

Speciy the spit point by comma separated

1800.2000
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Run Model.ai

In this option, the user just clicks on “Auto ML Model” button, select the model
type and the results are automatically generated. User does not have the option
to split or collapse these nodes.

Inte! cision ai =3
fralteryes &3
This option builds a decision

tree or analytical model Auto ML Model

through inteligent {BuRD clascaton moos!
calculations.

Select Model
Logistic Regression -

Logistic Regression

Random Forest

XG Boost
Do-t-Yoursel If (DIY) Neural Network
This option allows you to .B. ——'«——E-—
do things manually as per 010 "] v
your preferences and
needs Collapse Node Add Your Splits Manual Grow

Project IDaiCS_testing 03

Project Path: C:/Usersfuser/Documents/IDai/CS _testing 03 g 0 User Name o
" Target Variable i
Home. APP_PROD_CODE 17 IntelliDecision.ai Node

1 DataEngineering

-
;

model.
5] ] growthe tree.

IntelliDecision.ai Node - Disabled

Model.ai Node

on v om e . " . on e SR B . - om - o e
- meow - w e - e s 2 e - s .o w - e
5 e - s m - 23 e a0 - e 1w ) - % n @
s 8286% sh09% v GLaAN 5% T 290% S385% T 185 S820% T S0 54285 T 120 5346 T 30.48% 33795 s Z20m% a88n T 1300% 3265%
+ L]

SFLEO Model 01 @

User can click on “Click to view Logistic Regression Output” to see the
following results for the node on which model.ai was run:
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1. Node details, variable importance, model performance metrics & target
rate by score.

Node details on which model was trained Variable Importance (D)
using Model.ai

Train

3,73

1881

auto_NBR_TR auto_NET_FR aute_MTHS_S wto_F auto_TOT_SA

lick to view Technical Output

Model Performance Metrics Target Rate by Model Score

Train
(#10,500)

Test
(#4,500)

Target % 50.7%

Click to see the graph

Click to view Score

2. Logistic regression technical details

Technical Details of Logistic Regression

The results of Logistic Regression run on training sample
(2] oM Coetticient Confidence Confidence
i i
Model Family Binomisl Variable i Interval - Lower Interval - Upper Standard Error
Link Function Logit Bound Bound

RLS
P 12 auto NBR TROLNS OPENED 023 0010350

20:53:00
No. terations 4 0.010060

Covariance Type

No. Observations '2 auto NBR TRDLNS_120P DPD_EVER auto_box o027
Df Residuals

i s auto NET_FRACTION_REVL OR_OPEN_BURDE 0007953

Scale

Log-Likelihood *2 auto MTHS SNC_OLDEST DATE OPENED aut 0.008022

Deviance
Pearson chi2

Pseudo R-squ.(CS) suto PRC_RETAIL TRDLNS. W ( 0.007539 8.36e-07
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3. Scorecard details for that node

Base Score: 660
Score Card for Node Id 02 Assumed odds at Base Scare: 20
Point-to-double-odds (PDO): 15

#Cases #Targets %Target Rate #Cases #Targets #Target Rate
(Training) (Wraining) (Training) Test) (Test) (Test

Variable Name Variable Categories.

at_gse_cv.gse_cv_gl;sh_gl cv,gse_al_cvol ws_oth,ev_gse ws,sh_ 246 87.86% 94 50 5319%
gse_ws._cv.cv_gsl_sh,gse_cv_ws,p_gse_ws,oth_db_hme,gl_cv_gs. 84 5804% k] 64 a885%
ws_db_cv,ev_gse_gsl,oth_cv_gsl,cv_gsl_oth,cv_gsl_at,gsl_cv_gse 217 5319% 176 a 517 %
sh_cv_gsl.ov_gsl_gse 5124% 54 53.47 %
o, TOP3FEATUREAREA |\ i hmegsl gse_cvoth.c_ cvdb ol ws.c.gse WSCv_at Gsec... 49.56 % 365 53.91%
ws_cv_gsl,sh_gse_oth.cv_gsl db 48.46% 64 50.29%
_ws_gse,gse_oth_hme,db_ws_oth ws_fp_oth,sh_oth_hme,at_gl 43 55% 54 54%
ws_db_rp.gse_cv_sh.glgse_cv.cv_ws_gel sh_gse_cv.c_oth_dbp_ 1757% 55
missing idai_imputed 0% 28
(-inf, 6.99)

16.99,7.0)

4. User can click on “Click to see the graph” in the model performance
metrics tab to get a visual representation of KS and Gini values for the
train and test samples.

Kolmogorov-Smirnov (KS) Chart

Train: 30 Test: 12

@ i Curm % Torget

% Non:

Gini Chart

Train: az
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1. Random Forest Model Tree

ID No: 0
Variable(s) to be used in Model Building: 34

IntelliDecision.al does AN
it all for you s—g {3
This option bulds a decision
tree or anaytical model
b Auto Grow Auto ML Model

thiough itedigent ©sosion ree) (Buid classficanon mode!
calculations.

Random Forest

Logrstic Regression

Random Forest

Do-it-Yourself (DIY) Neural Network

0 things manually as per 010 ") = v

your preferences and
needs Collapse Node Add Your Splits Manual Grow

2. Run Bayesian Optimization

Bayesian Optimizer (Random Forest)

Choose the parameter for Bayesian Optimization General settings
(Select Max 3 parameters in one go) (Not part of optimization)

Parameters Parameters

Tree parameters Tree Parameters
O Number of Random Forest Trees Random Seed (

O Fraction of Features to Consider Max Delta Step Size
0S5and <1

Min Sample # to Split a Node

O Max Depth of Each Tree

20and <10
Regularization Parameters

o) L1 Regularization (Sparsity)
>0and<5

o L2 Regularization (Shrinkage)
>0 and < 100)

Skip & Train Model

The user can either select “Skip & Train Model” or configure options under “Tree
Parameters” and/or “Regularization Parameters”, then click “Run Bayesian
Optimizer’.
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The Bayesian Optimizer will suggest the best hyperparameter values.
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Bayesian Optimizer (Random Forest)

Choose the parameter for Bayesian Optimization
(Select Max 3 parameters in one go)

Parameters

Tree parameters

@ Number of Random Forest Trees
® Fraction of Features to Conside!

0 Max Depth of Each Tre

Regularization Parameters

® L1 Regularization (Sparsity)

L2 Regularization (Shrinkage]

O

Skip & Train Model Run Bayesian Optimizer

General settings
(Not part of optimization)

Parameters

Tree Parameters

Random Seed

Bayesian Optimizer (Random Forest)

Choose the parameter for Bayesian Optimization
(SP‘E‘CL Max 3 parameters in one go)

Parameters Value

Tree parameters

® Numnber of Random Forest Tre:

@ Fraction of Features to Con

Regularization Parameters

o B arization (Sparsity)

® Regularization (Shrinkage)

General settings
(Not part of optimization)

Parameters Value

Tree Parameters

Random Seed

Max Delta Step Siz
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& Bayesian Optimization is successful.

After this, the user can click “Apply & Train Model’.

Project: CS_testing 03 g m
User Name

Project Path: C:\Users\user\Documents\IDai\CS_testing 03

P Target Variable -
Home BAD [} imelivecision.ai Node
1 DataEngineering IntelliDecision.ai Node -
Upload a dataset to Train your crange Targotvarevio | ] Disabled
model -
[Z] Click on nodes for options to grow/de-grow the tree. ) Model.ai Node
2

o Train A Model bl
Train
e

Let th

summary [EBRE Model 03 @

3. Random Forest provides a bar graph of variable importance and a SHAP
chart along with KS and GINI charts. which can be viewed by clicking on
'Click to view Random Forest Output'.
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Node detalls on which model was
trained using Model.ai

Train

Total

Target

Variable Importance
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mm 1% mSEm 1%

o & o] cO S
O} (O WO O o
ol o0 o
#5

.
(7 7 48 ¥

L

Model Performance Metrics

Train 76 90

(#10,500) Xs

Test 13

(#4,500) K

Target % 5.3%

SHapley Additive exPlanations(SHAP)

Features are op to bottom by
their mean absolute SHAP values for the

ntire dataset.

long the x-axis according to their SHAP
places where there is a high density of
SHAP values, the points are stacked ve

The colour bar corresponds to the row
(nat SHAP values) of the variables for each

nce (.. point) on the graph.

If the value of a variable for a particular
instance is relatively high, it appears as a red
dot. Relatively low variable values appear as

blue dots,

Target Rate by Model Score

HIGHEST_UTIL_ON_BANK_OR_NATL_REVL_TRDLNS

TTL_TRADE_LINE_BALANCES

NBR_BANK_OR_NATL_REVOLVING_TRDLNS_WITH_BALANCE_gt2000

TTL_BANX_OR_NATL_REVOLVING_CREDIT_AMOUNTS

EFFICIENT_MAX_DLQ_EVER

PRC_TRDLNS_INSTALLMENT

MTHS_SNC_OLDEST_BANK_OR_NATL_REVL DATE OPENED

MTHS_SNC_OLDEST_DATE_OPENED

EFFICIENT_MAX_DLQ_EVER_|dalx_NBR_ADVERSE_PUBLIC_RECORDS

TTL_BALANCE_ON_ALL DELINQUENT TROLNS
EFFICIENT_MAX_DLQ_023 MONTHS_ REVOLVING
NBR_TROLNS_REPORTED_05_MONTHS
APP_APPLICATION_KEY_min-max
NBR_BANK_OR_NATL_REVL_OR_OPEN_TRDLNS
APP_PROD_CODE _Idaix NBR_ADVERSE PUBLIC_RECORDS

NBR_BANK_OR_NATL_REVL_OR_OPEN_TRDLNS_OPENED_023_MONTHS
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EFFICIENT_MAX_DLQ_EVER

SHapley Additive exPlanations(SHAP)

PRC_TRDLNS_INSTALLMENT
MTHS_SNC_OLDEST_BANK_OR_NATL_REVL_DATE_OPENED
MTHS_SNC_OLDEST_DATE_OPENED

EFFICIENT_MAX_DLQ_EVER _idaix_NBR_ADVERSE_PUBLIC_RECORDS
TTL_BALANCE_ON_ALL_DELINQUENT_TRDLNS
EFFICIENT_MAX_DLQ_023_MONTHS_ REVOLVING
NBR_TROLNS_REPORTED_05_MONTHS
APP_APPLICATION_KEY_min-max
NBR_BANK_OR_NATL_REVL_OR_OPEN_TROLNS

APP_PROD_CODE idaix NBR_ADVERSE PUBLIC_RECORDS
NBR_BANK_OR_NATL_REVL_OR_OPEN_TRDLNS_OPENED_023_ MONTHS
NBR_DEROG_TLS_OR_COLLECTION_ITEMS_OR_ADVERSE_PUBLIC_RECORDS
NBR_BANX_OR_NATL_REVOLVING_TRDLNS_OVERLIMIT
MTHS_SNC_MOST_RECENT_DATE_OPENED

TTL_BANK_OR_NATL_REVL_OR_OPEN_CREDIT_AMOUNTS

8% CORESTRAT
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-0.02 0.00 0.02 0.04

SHAP Values (Impact on model output - Train)

User can click on “Click to view SHAP chart” to see the SHAP chart, s(he)
can also select “Click to see the graph” in the model performance metrics
tab to get a visual representation of KS and Gini values for the train and test

samples.

Kolmogorov-Smirnov (KS) Chart

Gini Chart
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1.XGBoost model Tree

ID No: 0
Variable(s) to be used in Model Building: 34

IntelliDecision.ai does ~
it all for you s_z
This option busds a decision

tree or analytical model
Auto Grow Auto ML Model
through intefigent (Decsion wee) (Bt ciansteahon roder

cakulations.
XG Boost -

Logistic Regression
Random Forest
XG Boost
Do-it-Yourself (DIY) Neural Network
Ths option allows you to D.
o things manually as per 0 €y = v
your preferences and

needs. Collapse Node Add Your Splits Manual Grow

2.Run Bayesian Optimization

Bayesian Optimizer (XGBoost)

Choose the parameter for Bayesian Optimization General settings
(Select Max 3 parameters in one go) (Not part of optimization)

Parameters Parameters

Tree parameters Tree Parameters

0 Max Depth of Each Tree Random Seed ( = 5
o Min Split Loss Reduction Max Number of Leaves ( =0 and < 10
0 ar

Feature Importance Type
o Fraction of Features to Consider F ¥

nd<1
Min Sample # to Split a Node
Regularization Parameters

o" Regularization (Sparsity) Evaluation Parameters

b Evaluation Metrics for Validation Data logloss

o L2 Regularization (Shrinkage)
20and <100)

Skip & Train Model

The user can either choose “Skip & Train Model” or select the hyperparameters
to optimize and run the Bayesian Optimizer.
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Bayesian Optimizer (XGBoost)

Choose the parameter for Bayesian Optimization General settings
(Select Max 3 parameters in one go) (Not part of optimization)

Parameters Value 3 Parameters Value

Tree parameters Tree Parameters

Random Seed
Max Number of Leaves

tures to Consider

Min Sample # to Split a Node (>

Regularization Parameters

o 1 Regularization (Sparsity) Evaluation Parameters

Evaluation Metrics for Validation Data

@ 2 Regularization (st nkage)

Run Bayesian Optimizer Apply & Train Model

Bayesian Optimizer (XGBoost)

Choose the parameter for Bayesian Optimization General settings

(Select Max 3 parameters in one go) (Not part of optimization)
Parameters Value e Parameters Value

Tree parameters Tree Parameters

Deptt ack Random Seed

. Max Nurr
Min Split Loss Reduction Max Numi

(@)

@ Fraction of Features to Cor

der

Min sample # to Split a Node

Regularization Parameters

O 1 Sity Evaluation Parameters

@ L2 Regularizatio

Evaluation Metrics
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& Bayesian Optimization is successful

Once hyperparameters are optimized using Bayesian Optimization, the user can
click “Apply & Train Model” to train an optimized model.

Project: CS_testing 03

Project Path: C:\Users\user\Documents\IDai\CS_testing 03 E D User Name e
“ Target Variable
Home BAD

] intetiivecision.ai Node
1 Data Engineering
Tra

IntelliDecisien.ai Node
Upload a dataset to Train your Change Target Variable _ Disabled
model

[=] click on nades for options to grow/de-grow the tree. | Model.ai Node

2 Sampling and Target
[

Summary Model 02 LUGLENIE] @

3. XGBoost provides a bar graph of variable importance and a SHAP chart along
with KS and GINI charts. which can be viewed by clicking on "Click to view
XGBoost Output'.
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Node details on which model was
trained using Model.ai

Train

Total

Target
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Variable Importance
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Click to view SHAP Charl

\

Model Performance Metrics

Train
(#10,500)

87

Test
(#4,500)

Target %

SHapley Additive exPlanations(SHAP)

es are ranked from top to bottom by
their mean absolute SHAP values for the eSO s R e i }
St datasse APP_PROD_CODE Idaix_EFFICI DLQ_023 MON VOLVING i
along the x-axis
APP_PROD_CODE _idaix_EFFICIENT_MAX_DLQ_EVER b of
TOT_SALES F .
TTL_BANK_OR_NATL_REVOLVING_ BALANCES s .
TTL_TRADE_LINE_ BALANCES I .
fthe value of a variable for a parti
instance is relatively high, it appears as a red PRC_REVOLVING_TRDLNS_OPENED_011 MONTHS '
dot. Relatively low variable values appear a5
blue dots. NBR_BANK_REVOLVING_TRDLNS_75PRC_OF_ AMOUNT .
HIGHEST_UTIL_ON_REVOLVING_TRDLNS ' .
AVG_MONTHS_IN_FILE_RETAIL [
HIGHEST_UTIL_ON_BANK_OR_NATL_REVL TROLNS '
EFFICIENT_MAX_DLQ_023_ MONTHS_REVOLVING. idaix NBR_ADVERSE_PUBLIC_RECORDS L
TTL_INSTALLMENT_BALANCES i
MTHS_SNC_OLDEST_BANK_OR_NATL_REVL_DATE_OPENED h-

Target Rate by Model Score
100% 100%

Population

L.

a®

il

O o8 D a0
o0 T

Ll

o a0 a0 9 o o o
o e b :j;‘q L

e Target Train [ % Target Test [

TOT_FIN_CHRG

PRC_RETAIL_TRDLNS_WITH_BALANCE gt0 I .
NER_BANK_REVOLVING_TRDLNS
MTHS_SNC_OLDEST_DATE_OPENED

MTHS_SNC_OLDEST_BANK_OR_NATL_REVL_OR_OPEN_DATE_OPENED

MTHS_SNC_MOST RECENT DATE OPENED
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TOT_SALES

SHapley Additive exPlanations(SHAP)

NBR_BANK_REVOLVING_TRDLNS_7SPRC_OF_AMOUNT
HIGHEST_UTIL_ON_REVOLVING_TRDLNS

AVG_MONTHS IN_FILE_RETAIL

HIGHEST_UTIL_ON_BANK_OR_NATL_REVL_TRDLNS
EFFICIENT_MAX_DLO_023_MONTHS__REVOLVING_ida

alx_NBR_ADVERSE_PUBLIC_RECORDS

TTL_INSTALLMENT BALANCES

MTHS_SNC_OLDEST_BANK_OR_NATL_REVL_DATE_OPENED
PRC_RETAIL_TRDLNS_WITH_BALANCE_gt0
NBR_BANK_REVOLVING_TRDINS
MTHS_SNC_OLDEST_DATE_OPENED
MTHS_SNC_OLDEST_BANK_OR_NATL_REVL_OR_OPEN_DATE_OPENED

MTHS_SNC_MOST_RECENT_DATE_OPENED

TTL_BANK_OR_NATL_REVOLVING_BALANCES
TTL_TRADE_UNE_BALANCES

PRC_REVOLVING_TRDLNS_OPENED_011_MONTHS

|
B
I .
|
!
|

-02 0.0 02
SHAP Values (Impact on model output - Train)

4 .User can click on “Click to view SHAP chart” to see the SHAP chart, s(he)
can also select “Click to see the graph” in the model performance metrics tab to
get a visual representation of KS and Gini values for the train and test samples.

ogorov-Smirnov (KS) Chart
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1. Neural Networks Model
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ID No: 0
Variable(s) to be used in Model Building: 39

IntelliDecision.ai does
it all for you s—i
This option bulks a decision
tree or analytical model
by Auto Grow

through mtetigent (Decsion iree)
cakulations,

Do-t-Yourself (DIY)

This option allows you to
0 things manually as per 070
your preferences ana

needs Collapse Node

Project: CS_testing 03
Project Path: C:\Users\user\Documents\IDai\CS_testing 03

» Target Variable
Home BAD
1 Data Engineering
model

[E] Click on nodes for options to grow/de-grow the tree.

2 Sampling and Target
Define the outcome or target
category for model Training

e Train A Model b
Let the tool automatically Tran (£

your model or do it yourself. 0 w0 cuso esad

P P w = \ 5
Lt Twl s 75 T a7 s T 1o a0 T 275 1217
w2 T @ 14 T f0s 3% e 88 [
T 1706% 1081 T BT 651% T 70 642 T T soow s 3w 33

Summary Model 02 Model 03 RILLERES

Moreipi score

Q@

Auto ML Model
(B classiication model

S odel
Neural Network N

Logistic Regression
Random Forest
XG Boost

Neural Network

Add Your Splits Manual Grow

(=] User Name G

IntelliDecision.ai Node

IntelliDecisicn.ai Node -
Disabled

[} Modelai Node

a0 = eED »e1m0

2.Neural Network provides a bar graph of variable importance and a SHAP chart
along with KS and GINI charts. which can be viewed by clicking on 'Click to

view Neural Network Output'.
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Node details on which model was
trained using Model.ai

Train

Total 10,650
Click to view SHAP Chart

Target a7

Model Performance Metrics Target Rate by Model Score

Train 29 36
(£10650) s cim

Test 15 17 g " R 1o% ﬂ BL
(#4350) s § % %
5% 3 | o
B w . >
L3

i
| B

Target % 45%
o
O

Click 10 see the graph
st [ % Cases Train

Shapley Additive Explanation (SHAP)
by thélr maan absokite SHAP vakiss EFFICIENT_MAX_DLO_023_MONTHS_ REVOLVING_idaix_EFFICIENT_MAX_DLO_EVER
TOP_3 FEATURE_AREAS_ W1
APP_PROD_CODE _|daix_EFFICIENT _MAX_DLQ_EVER
APP_PROD_CODE _idaix_EFFICIENT_MAX_DLQ_023_MONTHS_ REVOLVING
NBR_REVL_OR_OPEN_TRDLNS_60P_DPD_EVER
manual_TTL_INSTALLMENT_BALANCES_auto_standardization
manual_NBR_TRDLNS_OPENED_023 MONTHS_30P_DPD_EVER auto_log
manual DOBER_auto_log
manual_NBR_BANK_OR_NATL_INSTALLMENT_TRDLNS_auto_log
manual_NBR_REVL_OR_OPEN_TRDLNS_ auto_log

manual_NBR_INQUIRIES_05 MONTHS auto_log

Feature value

manual_NBR_TRDLNS_90P_DPD_EVER auto_log

manual_NBR_RETAIL_TRDLNS_75PRC_OF_AMOUNT auto_log

manual_APP_APPLICATION_KEY_auto_log

manual_NBR_FINANCE_COMPANY_TRDLNS_auto_log

manual_MTHS_SNC_OLDEST_INSTALLMENT_DATE_OPENED_auto_log

manual_NBR_TRDLNS_OPENED_023_ MONTHS _auto_log

manual_TOT_SALES auto_standardization

manual NBR_BANK OR_NATL_REVOLVING_TRDLNS_OVERLIMIT auto_log

3. User can click on “Click to view SHAP chart” to see the SHAP chart, s(he)
can also select “Click to see the graph” in the model performance metrics
tab to get a visual representation of KS and Gini values for the train and test
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samples.

Gini Chart

Train. 36

On the ‘Summary’ screen, there is a ‘Performance Interpretation Guide’
provided to enable the users to make sense of the color depictions used on this
screen

sject: CS_testing 03
o = ng] User Name °

ect Path: C:\Users\user\Documents\Dai\CS_testing 03

e Performance Interpi

retation Guide

1 Data Engineering
oad a da; t to Train

- P A Model Ensem g geatistic
<30

4 Ensemble
Properties
pe ® 30-60
Selected Use as F M >
2 Sampling and Target h £y
R Gini Coefficient
KS Stats View Charts Train: Test: 25 Train: - Test:
<30
GINI Stats View Charts Train Test Train: - ¥ ©® 30-60
o Train A Model ® > 60
. . . F1 Score ® View Confusion Matrix ~] Train: 0.16 Test: 0.07 Train: - Test
your mog you ® F1 Score
AUC View ROC Train: Test: Train: — Test; <04
Glick t
® o4-07
4 Variable(s) in Final Tree v Variable(s) in Final Tree >0.7
List of Final Variables in the model
Variable(s) in Final Model ~ Variable(s) in Final Model [lGULS
<50
5 Please enter remarks Please enter remarks. ® 50-80
Remarks/Description >80
6

Mode1 1

Each metric is rated using a traffic light system:
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Red indicates poor performance

Orange indicates moderate performance

Green indicates good performance

The thresholds for each color are displayed next to the metric, allowing users to
quickly interpret and compare model quality based on standard benchmark
ranges.

Sensitivity & Specificity

Train

10

Sensitivity

N @ o > w o
Aypupaeds

Threshold

Sensitivity

Threshold

This page helps users visualize how the model’s sensitivity (true positive rate)
and specificity (true negative rate) change with different threshold values.

The top graph shows results from the training data.

The bottom graph shows results from the test data.
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e The pink line shows how well the model is catching positive cases (called
sensitivity).

o The blue dotted line shows how well it's avoiding false positives (called
specificity).

By looking at where the two lines are balanced, you can choose a threshold that
works best for your needs

ROC Curve

Train

!
50
® 0
<
s
a8
N
5
Q
3
£
0

This screen shows how well your model is able to distinguish between positive
and negative outcomes.

« The top graph shows the performance on the training data.

« The bottom graph shows the performance on the test data.
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The ROC (Receiver Operating Characteristic) curve plots:

o True Positive Rate (how many actual positives your model correctly
identifies) on the Y-axis

o False Positive Rate (how many actual negatives are wrongly flagged as
positives) on the X-axis

When performing Model Ensemble, first select the models to include, optionally
choose the columns to be used, and specify the ensembling method.
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Project: CS_testing 03

Project Path: C:\Users\user\Documents\Dai\CS_testing 03

L

Home

1

€]

Data Engineering
Upload a dataset to Train your

model

Sampling and Target
Define the oulcome of target

jory for model Train
Train A Model

Let the todl automatically Train (&)
your model o o it yourself

®

Project: CS_testing 03

Project Path: C:\Users\user\Documents\Dai\CS_testing 03

Home

1

Data Engineering
Upload a dataset to Train you:

model

Sampling and Target
Define the outcome or target
category for model Training

Train A Model
Let the tool automatically Train (%)
your model o do it yourself

®

Properties
KS Stats View Charts
GINI Stats. View Charts

F1Score @ View Confusion Matrix

Auc View ROC

List of Final Variables in the model

Remarks/Description

Model 02 Model 03

Properties
KS Stats View Charts
GINI Stats View Charts

F1Score @ view Confusion Matrix

Auc View ROC

List of Final Variables in the model

Remarks/Description

Model 02  Model 03

8% CORESTRAT

IntelliDecision.ai

user Name ()

Performance Interprefation Guide

el Ensembling

g m

73 2
Ensemble
Selected Final Model a Select IntelliDe: -
Model(s)
Train; 55 Test: 49 Train: 63
Model 02
Train: 69 Test: 69 Train: 78 Test: 78 Model 03
] Train: 0.28 Test: 0.24 B Train: 0.34 Test: 0.23
Select Existing Column(s) v
Train: 84 Test: 80 Train: 87 Test: 82
Select Method(s) of Ensembling
‘ariable(s) in Final Tree N Variable(s] in Final Tree v
‘ariable(s) in Final Model v Variable(s) in Final Model N
Slease enter remarks. Please enter remarks... Please enter remarks.
B D User Name o
Performance Interpretation Guide
Model 02 Vi Model 03 ]
Ensemble
Selected Uk Final Model a Select IntelliDecision.ai "
Model(s)
Train: 55 Train: 63 Test: Select Existing Column(s) ~
Train: 69 Test: 69 Train: 78 Test: 78
O manual MTHS_ SNC OLDEST_REV..
| Train: 0.28  Test: 0.24 B Train: 034 Test: 0.23 (O A#».PROD.CODE premier
Train: 84 Test: 80 Train: 87 Test: 82 [0 NBRBANK OR_NATL_REVOLVIN...
‘ariable(s) in Final Tree ~ Variable(s) in Final Tree v [ manual. HIGHESTUTIL ON_BAN..
Select Method(s) of Ensembling
‘ariable(s) in Final Model ~ Variable(s) in Final Model v

lease enter remarks...

Please enter remarks...
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Project: €S_testing 03
Project Path: C:\Users\user\DocumentsUDai\CS_testing 03

L
Home
1 Data Engineering
oad a dataset to Train your
|

Mo

Properties
Selected
2 Sampling and Target
fine the outcome or target
category for model Training .
KS Stats View Charts Train: 55 Test: 49
GINI Stats View Charts Train: 69 Test: 69

F1 Score @ view Confusion Matrix | Train: 0.28 Test: 0.24

your model or

AUC View ROC Train: 84 Test: 80

4 ‘ariable(s) in Final Tree
List of Final Variables in the model
‘ariable(s) in Final Model
5 Slease enter remarks.
Remarks/Description
6

Mode!

Train: 63 Test:

Train: 78 Test:

Train: 0.34 Test:

Train: 87 Test:

Variable{s) i

nal Tree

Variable{s) in Final Model

Please enter remarks...

8% CORESTRAT

IntelliDecision.ai

User Name °

(=[]

Ensemble

Select IntelliDecision.ai
Model(s)

Select Existing Columnys) v

‘Select Method(s) of Ensembling ~

O verage
Best
0O worst

O togistic Regression

Model 02  Model 03

Clicking ‘Apply’ will initiate the ensembling process.

Project: CS_testing 03

Project Palh: C:\Users\usen\DocumentsUDaiCs testing 03
{ Data Engineering
ad a dataset to Train you Mode:
Properties
Selected
2 Sampling and Target B
Define the outcome or target
ategory fc
e KS Stats Train: 55 Test: 49
GINI Stats Train: 69 Test: 69
o Train A Model
et 1 | automatically Tr C
. TIRDD | F1 Score @ ) Train: 028 Test 024
AUC Train: 84 Test: 80
4 ‘ariable(s) in Final Tree
List of Final Variables in the model
‘ariable(s) in Final Model
5 dlease enter remarks.
Remarks/Description
6

~

Mode!

Use as Final Model

Train: €3

Train: 78 Test:

B Train: 0.34 Test:

Train: 87 Test:

Variable(s) in Final Tree

Variable(s) in Final Model

Please enter remarks.

B O

User Name 0

Model Ensembling

Select IntelliDecision.ai
Model(s)

Select Existing Column(s) v

Select Method(s) of Ensembling ~

Model 02 Model 03
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Project: CS_testing 03
Project Path: C:\Users\user\Documents\Dai\Cs_testing 03

L
Home

4 Data Engineering
Upload a dataset to Train you

model

Properties
2 Sampling and Target

Define the outcome or target

ategory for model Training
KS Stats View Charts
GINI Stats View Charts

Train A Model

Let the tool automatically Train

R J © F1Score @ view Confusion Matrix
your madel or do it yourself Yiew Lonfusion Mamx

®

AUC View ROC

4

List of Final Variables in the model
5

Remarks/Description
6

Model 02 Model 03

& Model Ensembling Successfull

Selected

Train: 55 Test: 49

Train: €9 Test: €9

1 Trin: 0.28  Test: 0.24

Train: 84 Test: 80

‘ariable(s) in Final Tree ~

‘ariable(s) in Final Model v

3lease enter remarks...

Model 03

Use as Final Model o

Train: 63 Test: 54

Train: 78 Test:

B Tain: 034 Test:

Train: 87 Test:

Variable{s} in Final Tree

Variable{s) in Final Model

Please enter remarks.

78

023

82
v
v

8% CORESTRAT
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m User Name o

A Model Ensembling

Ensemble

Use as Final Model

Train: 55 Test: 49
Train: 69 Test: 69

B Tain: 028 Test: 0.24
Train: 84 Test: 80

Variable(s) in Final Tree v

Variable(s) in Final Model v

Please enter remarks...

Variables in Final Tree lists all variables used in the decision tree (if decision

trees were part of the ensemble).

Variables in Final Model lists all variables used to build the models (if
AutoModels were included in the ensemble).
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Evaluate Your Model

Once the model has been built, the next stage involves analysing the
performance of the model. This section provides a description of the various
performance metrics available in ID.ai to evaluate the model. The headings in the
bullets refer to the buttons within the tool.

e Model summary by Node — Information on all nodes used in the model, the

counts and bad rates in both Train and Test samples.
oroject: IDaI/CS _testing 03 g @ User Name °

Patt C:/Usersfuser/DocumentsiDai/CS _testing 03

L Model Summary by Node Model Summary by Score KS & Gini Chart Model Scorecard Deployment

1 DataEngineering

Model Summary by Score
]

List of Final Variables in the model

5 Sampling and Target Variables In Final Tree ~

1 12 auto AMT_CRLIMIT auto log

Train A Modsl Variables In Final Model(s) - 0.95%
1 12 auto MTHS_SNC_OLDEST DATE O — ot —
2 12 aulo NBR TRDLNS OPENED 023.
o e eitel ® 3. A% TOP.3 FEATURE AREAS W1
II| Individs S Summary
P 4. 12 auto_TOT_SALES auto_standardizati
6. 112 auta NBR_TRDLNS_ 120P_DPD EVE.
5 H’
6
== 1% Prodictod Target Rate == 1% Actual Targel Rate (Train) == 1% Actual Target Rate (Test)

e Model summary by score — counts and bad rates for each score bin and raw
score for both Train and Test samples.

e KS & Gini chart — visual representation of KS and Gini values for both Train
and Test samples
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(= User Name °

Project: IDI/CS_testing 03
Project Path: C:/Usersiuser/Documents/IDal/CS. testing 03
Model Scorecard Deployment

L Model Summary by Node Model Summary by Score

1 DataEngineering
Upload a dataset o Train your

modal. Train: 39 Test: 30

Kolmogorov-Smirnov (KS) Chart

@ TainCum % Target
@ Train Cum. % Non-Target
Tost Cum. % Target

2 Sampling and Ta
Test Cum. % Non-Target

=)
10% 0% % 50% 60% To% o0 s0% 100%
& of Papulation
o Evaluate Your Model G Chart
View and evakiats the ®
pertormance of your model Tin: 46 Test 37
5
e
6
o
@ o 209 30 a8 1 o » 809 a0% 100%

e Model scorecard — this is used to scale the scores for the various nodes
based on predefined base score values, odds and base score and probability

of double odds.

Project: Demo22
Project Path: C:/Users/user/Documents/IDai/Demo22

n

1 DataEngineering
Upload a dataset to Train your

model

2 Sampling and Target

Model Summary by Node Model Summary by Score
Model Scorecard

‘Scorecard scaling input parameters

KS & Gini Chart

Click to View Scorecard

Model: Model 01

Base Score 660 Decision Tree Node Scorecard
Score Card for Leaf Nodes
Assumed odds at Base
20
Score

Score Card for Node Id 04

Deployment

g O

User Name o

Point-to-double-odds
(PDO)

15

o Evaluate Your Model
®
®

View and evaluate the

performance of your madef
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- User can either see the scores generated for the leaf nodes by clicking
on the “Score card for Leaf Nodes” button

OR

- Scores for the Al Logistic Regression Model node by clicking on the
“Score card for Node ID 04” button

Base Score: 660

Score Card for Node Id 04 Assumed odds at Base Score: 20
Point-to-double-odds (PDO): 15

Variable Name Variable Categories e #Targets L&D e
(Training) 1t (Test) (Test)

db_rp_cv.sh_ws_db,sh_rp_gl.sh_rp_db,gl cv_ws,sh cv_gslglp. c... 7

gsl_cv_gl,sh_gsl_cv,sh_ws_cv,cv_gsl rpws_rp_oth,cv_gse_c,al_gs. 35
sh_oth_hme,cv_gs!_glgl_cv_gsl,ip_ws._gse,cv_gse_gsl X 33

gse_ws_cvsh_gse_othdb_oth_hme ws._cv_gs|

db_ rp_cv_gsl, i oth,g ws,gs|_ws_cvgse_al_cv,
TOP3 FEATURE AREA o - Gsh P 0ee il p goe ws.gelws cugee sLove

e sw

oth_hme_ai
ov_gsl_gse,db_ws_oth
oth_cv_gs gse_cv_ws.cv_gs|_othgsl_cv_oth.cv_sh_gslal_gse cv,...
gsl_oth_hme,al_cv_gslws_db_sh,rp_gel_cv,sh_gsl_oth,rp_sh_ws.s..
missing dal imputed
(-int, 6.99]

- To view shapely values for the Al Random Forest or XGBoost model,
click on the “Shapely values for Node ID 04” button
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Project: Dema22
Project Path: C:Usersfuser/DocumentsIDaDemaz2 g m UserName o

had Model Summary by Node Model Summary by Score KS & Gini Chart | Model Scorecard ‘ Deployment
Home

1 DataEngineering
Upload a dataset to Train your Model Scorecard
model.

Scorecard scaling input parameters Click to View Scorecard

2 Sampling and Target
Deline the outcoma of target
category for model Training Base Score 660 Decision Tree Node Scorecard

Model: Model 01

Score Card for Leaf Nodes
Assumed odds at Base

3 Train A Model Score )
Let the ol automatically Train
your model or do it yourself Point-to-double-odds Shapley values for Node Id 04
(PDO) s ‘

e Evaluate Your Model
®
®

View and evaluate the
performance of your model.

Variable importance by shapely values

0.010

'II
g
2
| gI
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e Deployment: When user clicks on “Click to deploy”, they will get “API
Endpoint” along with sample payload and sample response. They can run
“AP| Endpoint” to get Json response.

® ! Demeo22 CorestratUser2 o

C\Users\LENOVO\Docum
Model Summary by Node Model Summary by Score KS & Gini Ghart Model Scorecard Deployment

1 Data

2 Prepare your Data

Deploy the model Click to deploy

3 Train A Model

Evaluate Your Model

®
®

Click to
continue

5 Build Your Decision

5 Auto Documentation

-ct- dgfghjkhgfggbnmh
s ‘ * dgfeh gfggbnm! CorestratUser2 o

th: C:\Users\LENOVO\Docum
Deployment

Model Summary by Node Model

=
tn

Summary by Sco
1 Data

Deployment

Jupyter notebook for scoring and monitoring

2 Prepare your Data

Deploy the mode! Click to deploy

3 Train A Model

API Endpoint: hitp://127.0.0.1:8086/model5?
key=replace_with_your_unique_identifier
u}
Evaluate Your Model Sample payload
® Sample response

Click to
continue

Build Your Decision

o

i Auto Documentation
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Build Your Decision

Once the scorecard has been developed, the user can upload an OOT (out-of-
time) dataset to simulate the decision based on the previously developed model.
Simulation(s) can be done on the overall score or a particular sub-segment.

The first step is to upload a fresh OOT/unseen dataset which should contain ALL
the variables in the model build stage. User needs to upload this file from the
location to the tool as shown in the screenshot below. (The file specifications are
the same as described earlier in Section 4.1.1)

nee @ User Name 0

C:/Users/user/Documents/IDai/Demo22

n Data Upload

Upload New Data Set

Add Data Source

4 Connection Name
\? Databricks

Drag and Drop the File here Host URL
(CSV, Parquet, Feather, XLSX) OR

OR
luate Your Mod: Access Token

Browse File
Http Path

e Build Your Decision
| ® e

If the OOT/unseen dataset uploaded does not contain ALL the columns from the
model that was built and selected, it would display an error message as shown
below. Kindly upload an appropriate dataset on which to build a decision using
the model built in Step 3.
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(@ Missing column name in Dataset: TTL_TRADE_LINE_BALANCES, HIGHEST_UTIL_ON_REVOLVING_TRDLNS, NBR_TRDLNS, TOT_SALES, PRC_REVOLVING_TRDLNS_OPENED_011_MONTHS, AMT_CR_LIMIT,
NBR_TRDLNS_ACTIVE_05_MONTHS, PRC_TRDLNS_INSTALLMENT, TTL_BANK_OR_NATL_REVL_OR_OPEN_BALANCES, TTL_AMOUNT_NOW_PAST_DUE, MTHS_SNC_OLDEST_BANK_OR_NATL_REVL_DATE_OPENED,

NBR_BANK_OR_NATL_REVL_OR_OPEN_TRDLNS_OPENED_023_MONTHS

Data can also be added using Databricks. User needs to follow the below steps:

1. Enter the Host URL, Access Token and the Http Path in the allocated fields.

2. Click on Test Connection
6 wevgenivecsors - o x|

Project: nkji
A et Fam CusersambarishiDoc User Name o
Data Data Preprocessing Feature Engineering Data Univariate Analysis
Data
Jpioad a dataset to Train your i e
model Upload or Import a dataset to begin model Training

Add Data Source
2 Prepare your Data

Define the oulcome o target
category for model Training. Database Type
Databricks -

E Connection Name
Train & Mode! g databricks
3 Train

Let the tool automatically Train Host URL
your mode! or do It yourse Drag and Drop the File here
(CSV. Pamquet, Feather, XLSX) OR
Access Token
or
4 Evaluate Your Model Browse File Hiip Path

View and evaluate the
performance of your model

Decision
cing and Decision

& Auto Documentation
Download the Auto generated

documentation of your model
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3. Once it shows “Connection successful”’, click on “Connect”.

Data

Upload or Import a dataset to begin model Training

Add Data Source
2 Prepare your Data
Define the oulcome of target

Database Type
Databricks

) Connection Name
databricks
4 Train A Model
. PR

or do It yourset Drag and Drop the File here L ]
- I orR
on R
4 Evaluste Your Model Hip Path
[ Brouse Ble D

Connection is successfull

& Build Your Decision CONNECT
2eec 1
Simutatior

§  Auto Documentation
wnicad the AUTo generatea

4. User can choose the table from the left side from the database of need (refer
image).

5. Write a custom SQL Query in the editor provided to get data from the table
based on user criteria. Once done, click on “Run Query” (refer image). This is
an optional step.

6. The source of the data shown can be changed through the source dropdown.

7. Once satisfied with the data extracted, click on “Next” button.

Intelligent Decision Al

Data

Data
essatmsm IR c Custom SQL Query O y©

#Database: default
#Table: train_7

2 Prepare your Data

& default ~
@ abe_il
@ twan_7
ws: 15,000 #Col 10
5 Train A Model
) autom Trai MONTHS.. AVGCUR. AVGMO.. AVGMO.. AVGRET. EFFICIEN.. EFFICIEN.. HIGHEST... H
selt
151 2
161 33 151 0 I
123 65° 878 9
4 Evaluate Your Model 28 =7 17
View and evaluaie e 185 3140
29 8831 c
602 0
62 000 0
73 B2 644
5 Build Your Decision
Redect Inferencing and Dec 284 100
156 1413
18 1556
5 0
1-100 of 15000 >
@
=3

8. The below shown dialog box shall appear. If want to proceed further with this
selection, click “Yes”, else click on “Cancel”.
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Confirm Data Selection for Model Training

Are you sure you want to use the Selected Data for your
Model Training?

If you want to terminate the connection, click on the “Back” button as shown in
the image and click on “Yes Terminate Connection” when prompted.

Leave this page?

Are you sure you want to leave this page? Leaving will terminate the
connection and may result in unsaved changes.

www.corestrat.ai 119 | Page



8% CORESTRAT
IntelliDecision.ai

The next screen provides the population stability and characteristic stability.

The Population Stability Index (PSI) measures how much the data used to train
the model differs from new, unseen data. It helps check if the model’s predictions
are still reliable over time. A high PSI means the data has changed a lot, which
could affect the model’s performance.

User has the option to choose a distribution option between Overall, Decision
Tree Leaf Nodes and the Specific Node using the drop-down menu in “Choose
Distribution Option”.

ect: Demo22

21 Patl C:Users/DELL/Dacuments/Demo22 (=] UserName o
H Data Upload Validation Reject-Inferencing
Data Enginee
§p DeaEnainsening Characteristic Stability
o Choose Distrbation ogtion
Overal - Train vs Test: [EORUPICCIN  Train vs Unseen: [ECTIEENS Define Actual Target
2 Sampling and Target
" 8. -
T 2554
3 Train A Model s g
3 =l aaa-
L - -
: 926%
. ¢ do it yourselt ~o
: 5o @ _ '
il S 2

i 0%

4  Evaluate Your Model hal - B 4
v valuate t 109 Y
} 7.05 Tr 8
n and Decisic I - .
Cickto

6 - = Predicted Target Rate #% Tran Target Rate % Test Targat Rate % Train Distributior W% Test DN

Next >

The Characteristic Stability Index (CSI) measures how much a variable's
behavior/distribution has changed between the data used to train the model and
new, unseen data. It helps check if the patterns the model learned are still
consistent or if they’ve shifted over time. A high CSI means there’s a big
difference, which could affect the model’s performance.

The equivalent drop-down menu option for characteristic stability is available only
when Model.ai is run.
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“Define Actual Target” button in Population stability section

1 Demo22
th: C:/Users/DELL /Documents/Demo22

Reject-Inferencing

Data Upload Validation
1 DataEngineering
Choose Modei Noge
Model Node 04

2 Sampling and Target Variable

1. 10 NBR TROLNS 30P.DPD EV
ER auto_box-cox

auto PRC TROLNS EVER DELING
UENT auto log
3 Train A Model
autn MTHS, SNC_LAST 30P DAY
S_auto_box-cox

auto MTHS SNC OLDEST BANK
12 OR NATL REVL DATE OPENED &
uto log
4 Evaluate Your Model
e auto_NET_FRACTION_REVL OR O
PEN_ BURDEN auto log

auto NET_FRACTION_REVL BUR
DEN_auto_log

e Build Your Decision auto MONTHS_SINCE_OLDEST_T

® RADE o ag

auto MTHS SNC_OLDEST DATE
OPENED auta log

auto_AVG_MONTHS_IN_FILE_auto
g

Test

@ 0034002

® 0017215

@ 0.024996

® 0.018534

@ 0.010454

@ 0008516

® 0013332

@ 0010849

@ 000818

Unseen

@ 000718

® 0002658

@ 0.008023

@ 0.004206

@ 0.00197

@ 0001762

@ 0.000752

® 000228

@ 0.000629
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@ El] User Name o

This approach enables the original model build dataset’s target variable to be

used as the target variable in the newly uploaded dataset also.
1.
2.

Click on “Define Actual Target” button located at top right of the screen

Click on “Choose the variable containing actual performance” to select
the target variable OR Goto Step 5

Then select the checkbox in “List of Distinct Values” to specify which
values within the target variables should be considered as the target value
and shift to “Values to be treated Target” section using “>” button

Then click on “Apply Changes” for validation

Click on “Without Actual Target” (refer image, blue rectangle)

In this approach, the OOT sample dataset does not have the target
variable. The target is predicted by applying the model on the OOT
dataset and predicting the target variable for each record based on the
values of the independent variables.
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Define Actual Target

Chease the Variable containing actual performance:
%3 BAD

List of Distinct Values @ Values to be treated Target

Reject Inferencing

The next screen provides Reject Inferencing. It is a method for improving the
quality of a model by incorporating data from previously rejected/unavailable
records. Bias can result if a credit scorecard model is built only on accepts and
does not account for applications rejected that were rejected and hence have an
unknown target status.

o If you want to proceed to next screen, click “Without Reject Inferencing”
button (refer Image, blue rectangle).

OR

e Steps to perform:
1. Click on “Choose the variable containing past decisions” and select
the appropriate variable

2. After that, select the value from “List of Distinct Values” which should be
considered as approved and move to the right side using the >’ button to
‘Values to be treated as pass decision = "Approved" section (refer image,
blue oval)
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3. You can modify the value of ‘Reject Inferencing Factor’ to an integer
between 1 and 10 based on your specific needs. Default is kept at 3.

4. Click on “Apply Changes” button to perform Reject Inferencing.

Demo22
ject Path: C:/Users/DELL/Documents/Demo22 g0

N Data Upload i Reject: ing

1 DataEngineering ; ;
. Perform Reject Inferencing
Choose the Variable containing past decisions.
1?3 BAD

2 Sampling and Target

Select Methods

5 o Values to be treated as pass decision =
List of Distinct Values ©

“Approved"
O oo Reject Inferencing Method
Parceling
3 Train A Model
3 10
Reject Inferencing Factor
3

It would display the output as represented in below image. Click on the “Back”

button on bottom left corner to return to “Reject Inferencing” screen.
i (=l

ject Path: C:/Users/DELL/Documents/Demo22

] Data Upload Validation Reject-Inferencing Decision Simulator

1 DataEngineering . )
jpload a datasel Reject Inferencing Output
el

2 Sampling and Target

4  Evaluate Your Model
View and evaluate th

o Build Your Decision ®

User Name o

User Name o

Next -
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Decision Simulator

Create Metric

- User can select the metrics from the list of “All Variables/Metrics” from their
uploaded dataset (refer image, blue oval)
AND

- User can click on “+ Create new metric” to create new metrics of their own
(refer image, blue rectangle)
OR

- Click on “Next” button to skip this and proceed further.

Demoz2 @ ) User Name o

C:JUsers{DELL/Documents/Demo22

A Data Upload Validation Reject-Inferencing Decision Simulator

Data Engineering

Metrics for Analyzing Cut-off Percentage Impact

All Variables/Metrics Selected Variables/Metrics

a0

183 AVG MONTHS IN FILE

{3 AVG MONTHS I FLE_RETAL

lJoooooooO0ooboaoao

“+ Create new metric”

Drag the operator into the canvas that is to be performed

Can search for the name of the feature that is wanted for operating on from
the “Search Variable” search box (top-left)

Note* : Only numerical features from the dataset will be visible here

Select the variable from the list on the left of the screen and drag onto the
appropriate side of the operator. Numerical values can be used too along with
the features available (as shown in the image)

Give a distinct name to the variable which doesn’t conflict with existing
variables from the dataset or the newly created metric.

Click on “Add new calculation” to create another metric.
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- The equation can be discarded by clicking on the small trash icon located
beside the new metric name.
- Click on “Save Equations” to save the newly created metrics for further use.

Intelligent Decision Al

Search Variable Equation Builder

-—

Operators
APP_MTHLY_INCOME
+ - *
APP_MTHLY_MORTGAGE l

MONTHS_SINCE_OLDEST_TRADE
o - - + Add new calculation Save Equations

AVG_CURRENT_BALANCE
Calculation 1 T

AVG_MONTHS_IN_FILE
AVG_MONTHS_IN_FILE__RETAIL

Name of the new metric
AVG_RETAIL_BALANCE APP_MTHLY_INCOME | + = New_Mnthly_Inc

EFFICIENT_MAX_DLQ_023 MONTHS__ I

HIGHEST_UTIL_ON_BANK_OR_NATL_R
HIGHEST_UTIL_ON_BANK_OR_NATL_R...
HIGHEST_UTIL_ON_RETAIL_TRDLNS
HIGHEST_UTIL_ON_REVL_OR_OPEN_
MTHS_SNC_LAST_30P_DAYS

MTHS_SNC_LAST_60P_DAYS

Cut-off Decision — Overall

This tab provides a summary of the scorecard performance when different cut-off
thresholds are selected. This overall approach does not allow segmented cut-
offs, which will be described in the next section.

This screen allows the user to view the score cut-offs and their impact on two
pre-defined outcomes when compared to existing scenario:

1. Maintaining same target rate
2. Maintaining same approval rate

Users can also choose actual score point values to analyse the impact of this on
target and approval rates.

The impact of the above selections can be seen in terms of:
1. Accept/Decline share before and after cut-off selection

2. Bad rates of Accept/Decline before and after cut-off selection
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Impact can be seen graphically from the bar chart to view the population
percentage and the metric

New Metrics created or added can be selected from “Choose Metric” dropdown
to view their impact on the cut-off.

Demo22
i €:/Users/DELL/Documents/Demo22 B O UserName o
ﬁ Data Upload Validation Reject-Inferencing Decision Simulator
1 DataEngineering .
) Create Metric Cut-off(Segmented)
Cut-off Settings Cut-off% impact
5 Sampling and Target Final Mz(‘j::‘jf\‘c‘\c(‘lvﬂ Score cm';aru ;urup“ Matric B
et et (8) Manual Selection of Cut-off () Maintain the Approval Rate
Tobbe dociine Tobe accept

» Choase Your own Score Cut-off utout wapin R —

Cusrent dect PTR: 85.90% PTR: 63.90% o

A Mo #3461 96,320 i)

slider to set your score cut-off
e ——— T ————— Curront accept PTR: 63.55% PTR: 42.22% i
wn rm
Closest Avalable Score - 586
4 Evaluate Your Model PTR: 85.46% PTR: 62.86% PTR: 65.46
Total
war OR : e w6600 wisn
586 Population Percentage () Predicted Target Rate
o Build Your Decision
! JC 62.86%
4. /
8%

Cut-off Decisions — Segmented

This screen displays the total population or target that belongs to individual score
bins. This option enables the user to set tailored cut-off decisions for specific
segments by selecting a segmentation variable for individual score bins. This
allows for decision making based on distinct groups within the chosen
segmentation variable. To customise the score bins, user should input custom
score values that they want to create bins for and click “Apply” (refer below
image). This step can however be skipped and can proceed further with only the
selection of segmentation variable.

The following screenshot shows the distribution of all the cases by score bin.
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Demo22
Path: C:/Users/DELL/Documents/Demo22 E O User Name o
# Data Upload lidati Rej ing Decision Simulator
Hor —
DataE:
1 Detanginecring Comevavie Curoovren (ST
nodel Input Score sphts sepecated by comma
600,650,700,750 Apply Cenre Total Choose Segmentation Variable
2 Sampling and Target [-inf, 584] 844 A% APP PROD CODE
Jefine the outcome of farget (PTR: 85.55%)
category for model Training ¥3 ALL SINGLE
(584,595]
2,813
(PTR: 73.65%) ! A GENDER
3 NBR_FINANCE_COMPANY_TRDLNS_ACTIVE 05 MONTHS
3 Train A Model (595,602) 106
et the y Train (iR e 3 NBR_FINANCE_COMPANY_TRDLNS_OPENED 011 MONTHS
i elf
1602, 613] 790 3 NBR_MORTGAGE_TRDLNS_WITH_BALANCE gt0
(PTR:6165%)
3 BANKRUPTCY_INDICATOR
(613,614] a4
3 4
4 Evaluate YW”‘“"DUﬂ (PTR: 52.50%) ¥3  NBR_RETAIL_TRDLNS OVERLIMIT
(614,618) 1904 3 NBR_TRDLNS OPENED 023 MONTHS_30P DPD._EVER
(PTR: 53 20%) :
#; TOO_NEW_OR_STALE_FILE_INDICATOR
(616, inf)
o Build Your Decision PR 4761%) 200 ? BAD
Reject Inferencing and Decision (&)
Simulation 12 auto BANKRUPTCY_INDICATOR auto_box-cox
© 12 auto NBR_TRDLNS 60P.DPD_023 MONTHS.auto_box-cox

Click to
continue 12 auto_NBR_FINANCE_COMPANY_TRDLNS_auto_box-cox

Let us assume that the user would like to have a segmented cut-off decision
using a variable named “APP_PROD_CODE?”. In this scenario, the user selects
this variable in the Drop-down menu named “Choose segmented variable”
available on the right side of the table (refer above image).

Demo22
‘ath: C:fUsers/DELL/Documents/Demo22 m User Name o
f Data Upload i Reject: i Decision Simulator
1 DataEngineering
% R oy Create Metric  Cut-off(Overall) FeVERG{EENERER)]
“Click on the cells to allocate new accept/reject decision. +
Final Model Selected Choose Metric Ssgrermatcn vastic
Model 01 PTR - A% APP_PROD_CODE v 44— @
2 Sampling and Target
Jefine the outcome of & Range / Binning Total PREMIER REGULAR STUDENT
ey focmioid i oo
. PTR: 85.55% 83.16% 86.25% 84.95%
[-inf, 584] (%844 (#140) (#583) w2
73.65% 73.36% 73.53% 74.48%
(584,595) #2813 (w831 01,476) ¥506)
3 Train A Model
t th 71.28% 71.45% 71.23% 2%
" . (595,602) #106) ) wen (028)
61.65% 61.54% 61.59% 61.9%
(602,613] (#790) (w297) (w28n) wan
5250% 5216% 5254% 52.92%
(613,614]

4 Evaluate Your Model i Lo e Lici)
View and evaluate th 53.20% 53.3% 53.25% 53.3% Apply
performance ar 2,019 #1904 te949) (#518) (eaan)

a761% a82% a7.89% 47.02%
o6, #200) (286) 18 (#96)
Total #7501 62.22% 69.7% 62ﬂ5§$
e Build Your Decision ® w2 505) ware wi7sa
tierancing snd Decleic - 74.72% 76.96% 76.28%
mulation To-Ba Dackine g #988) #2200 #655)
® To-0a Accut ey 54.30% 55.2% 54.20%
@15 w1082) #1099)

Click to

continue

6

The count of records within each score bin split into the different categories of the
APP_PROD_CODE is displayed here.
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Option 1:

ID.ai provides with pre-analysed recommendation based on the model built
on this unseen dataset for the “To-Be Accept” and “To-Be Decline” in shade of
green and red respectively. By default, the Predicted Target Rate (PTR) is
taken to be 4.30%.

User can modify this selection by clicking to deselect and select again based
on their purpose.

Click on “Apply” button to view the “Cut-off Impact” of the new segmentation.

The results of this decision will be displayed including the population
decline/accept counts and the bad rates.

User can do multiple iterations of the accept/decline combinations and every
time the impacts will be available.

Once satisfied with the segmented cut-off decision, user can click on “Save
Decision” to store this decision.

The option can be used to toggle between expanded and compact view.

Option 2:

This option is to combine multiple categories of the segmented variable.

1.
2.

Click on “Click to edit” under Range/Binning.

In the ensuing pop-up screen assign the same integer values to those
categories of the segmented variable that need to be combined.

Click on “Add Binning”
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Key in Splits

Key in your splits for Score

Segmented Binning

Categories

PREMIER

REGULAR

STUDENT

1. In the subsequent screen, click only on the specific boxes which will be
accepted.
2. Once user clicks on “Apply” after doing the above, the results of this

decision will be displayed including the population decline/accept counts
and the bad rates.

3. User can do multiple iterations of the accept/decline combinations and
every time the impacts will be available.

4. The impact can be viewed for different binning/segmentation created by
changing “Choose Segment”.

5. Once satisfied with the segmented cut-off decision, user can click on
“Save Decision” to store this decision.

www.corestrat.ai 129 | Page



8% CORESTRAT
IntelliDecision.ai

Demo22
Ci/Users/DELL/Documents/Demo22 E @ User Name o

h Data Upload idatis Rej i Decision Simulator

1 Data Engineerin:
e Create Metric  Cut-off(Overall)

“Click on the cells to allocate new accept/reject decision. - Se0
Final Model Selected Choose Metric Segmermanon Vot Cut-off% impact Total -
Model 01 PIR - A% APP_PROD_CODE - 9
ling and To be deci Tob t .
Range / Binning Total PREMIER REGULAR STUDE Total
et ocdn
yyyyyyy
PTR: 85.55% 8316% 86.25% 84.9¢ PTR: 77.71% PTR:55.45%  PREMIER
ST T I el e | oecee
REGULAR
(584, 598) 73.65% 7336% 7353% 74.4¢ REGLRAR
d w2pm sy w4761 o T ki -
""""" PTR: 61.29% PTR:30.21% |
7.28% 7.45% 7.23% n27 accept
(595,602] fries s i b2 w208 27
61.65% 61.54% 61.50% 619
{0z 13 oo wen way e . T - «
52.59% 52.16% 5254% 2% 0 738
B Evaluate Your Mod 6618 ey 4 w29 3 was
" 53.29% §3.3% 53.25% RN Apply
(814,015) wis0) woan) s @
Population Percentage t
4761% 48.2% 47.89% 47.02
(616,inf] (r200) (#s6) ) 96
4 /
X . 7472% 76.96% 76.2¢
“ @376
goEcDecte . oes) w2120 west
To-Be Accept earim oo ioied 642
ST 1,08 49.83%
=

Auto Documentation

Once the model-build and cut-off decisions have been completed, the final stage
is the generation of the “Decision Tree Technical Document” which provides a
comprehensive document that will be invaluable for audit trail purposes. The user
just needs to click on “Generate document” and an PDF version of the document
will be available in 2-3 minutes.

While almost the entire document is pre-filled with the relevant information, the
following three sections must be filled by the user before dissemination.

1. Executive Summary
2. Data Sources and Sampling
3. Decision Tree Fact Sheet

Since these sections involve the business context and user’s knowledge of the
data, these ideally should be filled by the user.
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Appendix A — Statistical Terms

1.

p-value: Measure that quantifies the evidence against a null hypothesis. A
low p-value suggests data is inconsistent with the null, potentially
favouring an alternative hypothesis. Common significance thresholds are
0.05 or 0.01.

IV (Information Value): A numerical value that quantifies the predictive
power of an independent continuous variable x in capturing the binary
dependent variable y. IV is helpful for reducing the number of variables as
an initial step in preparing for Logistic Regression, especially when there
are a large number of potential variables. |V is based on an analysis of
each individual independent variable in turn without considering other
predictor variables.

WOE (Weight of evidence): Closely related to the IV value, WOE
measures the strength of each grouped attribute in predicting the desired
value of the Dependent Variable.

VIF (Variance Inflation Factor): A measure of multicollinearity among the
independent variables in a multiple regression model.

OOT (Out of Time) Sample: Used to indicate a dataset from a period
outside the original model build window; used to validate the accuracy of
the model in other time periods.

Gini coefficient: Gini coefficient, commonly known as Gini, is a metric
widely used to evaluate classification models. It ranges from 0 to 1, with
zero representing perfect equality (no discrimination) and one
representing perfect inequality (perfect discrimination). In the context of
credit risk modelling, a higher Gini coefficient indicates better model
performance in terms of its ability to accurately rank borrowers based on
their creditworthiness.
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K-S (“Kolmogorov-Smirnov”) Value: The KS value provides a measure
of the discriminatory power of a model. It looks at the maximum difference
between the distribution of cumulative events and cumulative non-events
and is a way of comparing the cumulative sum of the positive and negative
classes. It measures the maximum difference between the two over the
range of predicted probabilities. A high KS score indicates that the model
has a better separation between the positive (goods) and negative classes
(bads).

Skewness: Measure the degree of asymmetry of a distribution.

Kurtosis: Measure of the peak height of a distribution.

Base score: The actual score point in the scaled scorecard which gives
the base odds for the target variable to go into the desired state.

Base odds: The odds of the target variable to go into the desired state at
the base score.

PDO (Probability of Double Odds): The actual score points difference
needed to increase the odds of the target variable’s target rate twice.
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Frequently Asked Questions
Q. What are the minimum specifications for a machine to install and run ID.ai?

A. The minimum configurations a system hosting ID.ai is >=16 GB RAM
minimum, 200 GB Free disk space with MS Word Installed

Q. Can | save the project in a custom folder other than the default folder path
provided in ID.ai?

A. No, currently this facility is not available; it will be enabled in a future version of
ID.ai.

Q. Does ID.ai run on MacBook also?

A. The current version of ID.ai runs only in the Windows environment. Future
versions will be Apple OS compatible also.

Q. What statistical technique is used for building the model?
A. Logistic regression
Q. What should user do if activation is unsuccessful?

A. Please reach out to your company’s system administrator who purchased the
license keys from Corestrat or drop a mail to solutions@corestrat.ai with your
license key

Q. Where can | find the current project saved?

A. The default location is saved in the default local system path usually having
the following location “C:\users\<machinename>\documents\ldai\<projectname>"

Q Where can | find current autodocument to be saved.

A. The default location is saved in the default local system path usually having
the following location
“C:\users\<machinename>\documents\ldai\<projectname>\documents

Q. How can | start a new project while on one project?
A. In the home screen: Click on Home > All Projects > New Project
Q. How can | delete the project or dataset | uploaded?

A. There is an option to “delete” (trash can icon) under each project in the path
above

Q. How is the performance of the model evaluated?
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A. Model Evaluation can be done using the KS and Gini Statistics provided by
the app.

Q. Can | make predictions with new data after training the model?

A. Yes you can make predictions with the “Build Your Decision” screen by
uploading an unseen dataset and using the trained model on it.

Q. Can | use the model to score new customers or cases?

A. Yes, that can be done using the trained model on the unseen dataset in “Build
Your Decision” screen.

Q. Can | save and export my trained model?

A. Yes. The trained model is saved in the default folder path provided in ID.ai as
a file in “.pkl’ format.

Q. Can | generate scorecards from the trained model?

A. Yes. The scorecard generated from the trained model is available in the 'Model
Scorecard' tab of the 'Evaluate Your Model' section.

Q. Does ID.ai automatically detect the target variable?

A. ID.ai suggests a list of potential target variables; user has the option to accept
from those or use another target variable. Target Variable Selection

Q. Can the user select the features to be included in the model?

A. Yes, it can be done through various steps of preparing data (variables to be
ignored, clustering and keeping/discarding variables) and while building the
model (Manual Grow in “Train a Model”)

Q. Where can | get the template for metadata?

A. Under “Data Preprocessing” tab, on the top right use the button named “Add
Meta Data”
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